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Abstract

Does experiencing internal migration hasten the access to the labour market? This
paper provides an answer by studying the gap in transition length to a first job between
young people in Uganda that have ever migrated inside the country and never-migrants
of the same age category. To take into account the specific context of Uganda (some
enters at a very young age, other before the end of school and other have never
attended school), different starting points of transition are considered: from the date
of birth, from the minimum legal age (14 years old) and from the date of school exit.
Extended proportional hazards models show that transition duration is shorter for
migrants than for non-migrants (except for the school-to-work transition), although
effects vary considerably according to the area of origin and destination and the reasons
for migration. Decomposition in durations’ gap reveals the importance of unobservable
factors, especially the difference in behavioural response according to the areas of
origin.
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1 Introduction

Internal migration is generally conceptualized as a human capital investment: in-
dividuals (and/or their households) maximize their welfare by comparing the current
costs of migration to its expected returns in terms of wages or of better employment
transitions (Todaro, 1969; Harris & Todaro, 1970; Fields, 1975). At destination, mi-
grants may however suffer from peculiar performances in the labour market that can
be attributed to discrimination or to differentials in pre-migration endowments such
as age, work experience, education and psychology.

Empirical evidence of the job search process of internal migrants is scarce (es-
pecially in developing countries) mainly due to data limitation. This study aims to
assess if the internal migration experience in Uganda is an impediment or a driver for
accessing a first job, through the study of transition lengths. When focusing on young
people, the speed of transition to a first employ is a proxy of the difficulties they can
experience while entering into the labour market.1 The transition paths and lengths
are thus useful to identify possible discriminatory effects among young migrants, be-
yond the static information about their employment rate or occupational status. An
unsuccessful transition results in a longer entry duration and may be associated with
the degradation of human capital and/or a signal towards employers of a low level of
productivity, making the individual even less ”employable” as time passes. Studying
how internal migration impacts the transition to a first job consists of the following
two steps. First, the duration to a first job is calculated according to three duration
methodologies outlined in section 3. The second step decomposes these estimated
transitions length into an explained and unexplained part. In this step, the main dif-
ficulty lies in adapting an Oaxaca-Blinder-style decomposition to non-linear models.

I focus on Uganda as a first examination of this issue, by taking advantage of the
comprehensive school-to-work transition surveys (SWTS) implemented by the ILO
Work4Youth programme.2 This country has experienced substantial internal migra-
tion, due to the 20-years ethnic war in Northern Ugandan (IOM, 2015). Voluntary
international (628,000 individuals in 2013 (UBOS, 2012)) and internal migration (1.3
million according to the 2002 census) are also common, mainly driven by the high pop-
ulation growth (3.2 per cent per annum) and the extent of underemployment.3 The
demographic pressure affects particularly people below 30 years old, which count for
78 per cent of the total population (UBOS, 2012). As commonly observed, young peo-
ple registers a higher unemployment rate than older age groups ((ILO), 2015). While
youth unemployment is low in comparison to other regions, it is offset by conditions

1This paper does not study the ”quality” of the job obtained, and as a consequence the possibility of
choosing to remain unemployed in the hope of getting a ”good” job. This ”luxury unemployment”
assumption

2See the website www.ilo.org/w4y for more information.
3Marriage also explains population movements, especially in rural zones and for girls (IOM, 2015; Kudo,
2015). Migration is also linked to the transition to adulthood (Beegle & Poulin, 2013) or could be an
attempt to diversify income source (Rosenzweig & Stark, 1989).

2

http://www.ilo.org/w4y


of working poverty and widespread vulnerable employment. Besides, the timing and
the length of access to a first job vary considerably across regions, the socio-economic
context and the individual characteristics.

In fact, we do not know if migrants will have relatively longer durations to a first
job. Migrants might experience longer durations if skills acquired in their region of ori-
gin are not perfectly transferable in the destination market, or of lower quality (Borjas,
1985; Chiswick & Miller, 2012).4 They could also face some forms of discrimination
due to asymmetries of information or pure taste-based prejudices (Phelps, 1972; Clark
& Drinkwater, 2008).5 However, migrants might also maintain specific characteris-
tics that are favoured in the destination markets (Chiswick, 1999), such as a lower
propensity to risk-aversion (Katz & Stark, 1986; Bonin et al., 2009) or some financial
resources (Borjas, 1987). The latter can determine whether she can support herself
through a lengthy period of job searching or whether she will need to take up what-
ever job that comes around regardless of quality in order to earn an income. Recently,
the literature has pointed out the specific role of marriage and of informal networks
(family, friends and local diaspora) for reducing the searching and informational costs
and enabling a successful integration into the labour market (Basu, 2015).

The remainder of the paper is organized as follows: section 2 introduces the dataset
and some descriptive statistics. Section 3 operates a simple comparison of the tran-
sition lengths between migrants and non-migrants, and section 4 refines the analysis
by incorporating relevant covariates correlated with transitions durations and decom-
posing lengths into an explained and unexplained part. Finally, section 5 concludes.

2 Stylized facts about youth labour market in Uganda

2.1 Dataset and sample restriction

The ILO SWTS, implemented by the Work4Youth partnership between the ILO
and The MasterCard Foundation, aimed to overcome the lack of data on flows in the
labour market by including a section dedicated to the young respondent’s history of
economic activities. This paper is based on the 2015 Ugandan survey, with a sample of
3,049 youth. For the purpose of the study, I restrict the sample to individuals having
worked for the first time after the age of 5 (24 observations dropped), exclusive of
foreign migrants (5 more observations dropped). Finally, observations with no infor-
mation on the date of starting employment or ending school were also deleted. In all,

4In Uganda, the 20-years conflict war localized in the Northern region created persistent geographical
inequalities in terms of health and education.

5The Northern conflict has resulted in the internal displacement of 6 per cent of the total population.
Refugees from war are a specific but common population of migrants in Uganda for which opportunities
and labour market access in areas of destination might be depressed by the traumatic experience, resulting
in poor health and productivity, or by a lack of appropriate skills. This type of migrant is marginal as
the vast majority of them have returned home by 2011(UNHCR, 2011).
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the total sample examined in this exercise came to 3,009 Ugandan youth aged 15â29.

2.2 Definition of main variable

Non-migrant refers to individuals that have never lived outside the administrative
area in which they were surveyed. In contrast, (internal) migrant are defined as those
who had lived in another administrative area. According to this definition, 17 per cent
of young Ugandans are migrants (Table 1). The rural-to-urban migration accounts
for only 23 per cent of the total, while rural-to-rural migration represents 46 per cent.
Urban youth also migrated, either to another urban area (17 per cent) or even to rural
areas (15 per cent).

Table 1: Characteristics of young migrants in Uganda

Women Men Total

Non-migrant 78.1 88.9 83.1
Migrant 21.9 11.1 17.0

Migration flows
Urban to urban 16.7 16.8 16.7
Rural to urban 22.5 22.8 22.6
Rural to rural 48.7 38.3 45.6
Urban to rural 12.1 22.2 15.1

Migration reasons
Economic migrants 23.2 50.0 31.2
Marriage migrants 48.6 0.7 34.3
Family migrants 28.2 49.3 34.5

Data are not informative on the date at arrival in the area of interview and thus
prevent us to disentangle temporary migrants and permanent migrant,6 or to distin-
guish recently arrived migrants from long-term migrants. The latter arrived in their
childhood and, presumably, have acquired similar education and skills to natives. To
deal with this issue, I define different types of migrants according to their reasons for
migration: economic migrants refer to those having come in the surveyed adminis-
trative areas for work or educational purpose. I assume that these migrants came at
an older age in respect to other types of migrants and have specific characteristics.
It concerns 50 per cent of male migrants and 23 per cent of female migrants, mainly

6Returnees can be viewed as ”unsuccessful” migrants, who did not succeed in finding a job in urban area
(Harris & Todaro, 1970), or could be understood as a successful migration experience if the aims of it
was to reach a specific objective as a ”saving target” (De Vreyer et al., 2010).
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located in urban areas. Marriage migrants are another specific type as it concerns
primarily women (49 per cent of them) and rural-to-rural migration. The ”other”
category of migrants refers to those who have migrated with their family, potentially
during childhood.

The standard school-to-work transitions is of a low interest in Uganda as a non-
negligible proportion of youth have never attended school (5 per cent) or have start
working before the end of their education (40 per cent). To take into account all pos-
sible educational and employment scenarii, three duration methods are considered.
The date (month and year) of access to a first job is the end point common to all
transition lengths studied. However, their starting points differ: from the date of
birth (transition 1), from the legal minimum working age -14 years old- conditionally
on never having worked before that age, i.e. on never having been a child labourer
(transition 2), and from the date of school exit, conditionally on having ever attended
school and never having combined work with schooling (transition 3).

2.3 Descriptive statistics

Table 2 2 that migrants are different in observables from non-migrants: they are
slightly older and live primarily in urban area. Marriage-driven mobility explains the
higher proportion of women among migrants. Despite no statistical difference on the
probability to have once attended school, the level of education is much higher for
migrants. This gap is mainly driven by economic migrants, which are three times
more present in higher level of education (university) than non-migrants. The decom-
position into types of migration reveals that rural-to-rural migrants are less educated
compared to other migrants.

These differences in characteristics (in favour of migrants from a labour market
perspective) could explain why labour market outcomes are better for migrants. At
the time of the survey, 73 per cent of young migrants were employed versus 65 per
cent of non-migrants of the same age. They are also less often inactive. While the
proportion of youth that started working before the age of 14 (child labourers) is not
significantly different between the two groups, 82 per cent of migrants had already
had at least one experience in the labour market against 72 per cent of non-migrants.

3 Comparing transition lengths

3.1 Simple comparison

While non-migrants have a lower tendency to be employed than migrants, those
who do work had slightly shorter transition duration to first job Figures 1 to 3). Fig-
ure 1 represents the average transition length to a first job, expressed in years. As the
starting point is the date of birth, this transition can be interpreted as the average
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Table 2: Selection bias on unobservable characteristics - all sample

Non-migrants Migrants
Diff in mean T-stat p-value

Mean St. Dev # Obs Mean St. Dev # Obs

Individual characteristics
Male 0.49 0.50 2499 0.30 0.46 510 0.19 7.92 0.00
Urban 0.23 0.42 2499 0.40 0.49 510 -0.16 -7.75 0.00
Age 20.79 4.33 2499 22.48 4.07 510 -1.69 -8.13 0.00
Have children 0.39 0.49 2499 0.58 0.49 510 -0.19 -7.95 0.00
Single 0.62 0.49 2499 0.39 0.49 510 0.23 9.65 0.00

Educational background
Ever attend 0.94 0.24 2499 0.95 0.21 510 -0.01 -1.08 0.28
No education 0.51 0.50 2499 0.35 0.48 510 0.15 6.34 0.00
Primary school 0.29 0.45 2499 0.31 0.46 510 -0.02 -1.07 0.28
Second. school 0.16 0.36 2499 0.23 0.42 510 -0.08 -4.23 0.00
Higher level 0.05 0.22 2499 0.10 0.30 510 -0.05 -4.60 0.00

Labour market status
Employed 0.65 0.48 2499 0.73 0.45 510 -0.08 -3.35 0.00
Unemployed 0.05 0.22 2499 0.10 0.30 510 -0.05 -4.51 0.00
Inactive 0.30 0.46 2499 0.17 0.38 510 0.13 5.93 0.00
Ever in formal
empl.

0.04 0.20 2499 0.05 0.22 510 -0.01 -0.93 0.35

Never employed 0.28 0.45 2499 0.18 0.38 510 0.10 4.85 0.00
Child labourer 0.23 0.42 2499 0.21 0.40 510 0.02 1.04 0.00
Worked while
schooling

0.41 0.49 1561 0.34 0.48 383 0.07 2.39 0.02

age of entry in the job market, regardless of the education path or the legality of the
employment status (14 years is the legal minimum working age in Uganda). Thus,
non-migrants obtained a first job at the average age of 16 years, while migrants started
working on average at 17. When disaggregating by characteristics such as sex, area of
residence, working before/after the end of schooling and having entered before/after
14 years old, a significant gap remains between migrants and non-migrants (from 3
months for non-child labourers to 15 months for men).7

Figure 2 focuses on young people that had not been employed before the age of
14 (i.e. it excludes former child labourers). This graph is also expressed in years,

7Statistical differences are calculated using t-tests.
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from the starting point of 14 years old. One can observe that once child labourers,
that mechanically hasten the transition to employment, are excluded there is no more
difference in the transition durations between migrants and non-migrants. The same
comment holds for the statistics based on the school-to-work transition (Transition 3).

Figure 1: Mean transition length to a first job (in years) (condition 1)

Condition: Never been employed before 5 years old

Figure 2: Mean transition length from 14 years old to a first job (in years) (condition 2)

Condition: Never been employed before 14 years old
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Figure 3: Mean transition length from end of school to a first job (in years) (condition 3)

Condition: Having ever attended school and not worked before end of schooling

3.2 Kaplan-Meier estimations

Simply comparing the average transition lengths is biased in several ways. First,
the probability of entering into the labour market is likely to vary over time and de-
pends on the time you have already spent looking for a job (the so-called ”duration
dependency”). The longer the never-employed state lasts, the more likely a first job
will be obtained in the next month.8 Second, the simple comparison of transition
lengths excludes young people that have still never been employed at the time of a
survey. These people are however of particular interest as the ”never been employed”
state reflects different storylines: some are too young to have started their transitions
(including many current students), some are discouraged workers and a portion of
them are non-students inactive people. Finally, the last issue relates to the length-
biased sampling. Among those never-employed at a given time, some are less likely to
ever leave the non-employment state (young mothers for example), biasing the distri-
bution of duration. A duration model is thus preferred to identify actual lengths of
transition to a first job.

As a first step in comparing transition lengths across the two groups, I calculate
Kaplan-Meier (KM) failure functions, given by:

F (aK) = 1 − [ΠK
i=1([ni − hi]/ni)] (1)

where ni is the number of youth still never-employed at the time of the survey
and hi the number of those that has transited (i.e. has obtained a first job) at age a.
The Kaplan-Meier non-parametric estimator enables to estimate the survival failure

8In some cases, a ”scarring effect” could appear, inducing more difficulties for youth that has spent a
long period as never-employed (Arulampalam, 2001). In such cases, the longer the non-employment state
persists, the less likely the state will end in the next months.
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curve. The survival function S(a) = 1 − F (a) = Prob(ai > t) that measures the pro-
portion of individuals (the ”survivors”) still present in never-employment (who have
survived) after a specific age. It refers to the probability for an individual that his du-
ration in that state will be greater than age a. Failure function are more of interest in
this paper as it refers to the probability of entering into the labour market before age a.

Kaplan-Meier estimations in Figure 4 suggest that non-migrants have shorter tran-
sition lengths: at every age they enter employment relatively earlier. At the legal age
of 14 (red line in Figure 4), 24 per cent of migrants and 35 per cent of non-migrants
had achieved a first job. At 20 years old, the proportions were 73 per cent for migrants
and 77 per cent for non-migrants. The second part of Figure 4 shows that individuals
that migrate for marriage purpose have the same transitional path than non-migrants.
Economic migrants (and to lesser extent family migrants) present however a different
pattern: migrants enter systematically in the labour market at an older age. Results
are mainly driven by rural-to-rural migration; the other types of migration present
no statistical differences in their transition paths. Figure 5 refers to the access to a
first job from the age of 14 years, exclusive of former child labourers. In this case,
we observe no significant differences between migrants and non-migrants. The school-
to-work transition failure function in Figure 6, however, does show some differences:
migrants enter more slowly in a first job than non-migrants, but this difference is not
significant and is mainly driven by migration for marriage reasons.9

Figure 4: Kaplan-Meier failure function of transition length to a first job (condition 1)

Condition: Never been employed before 5 years old

9Log-rank tests and further results are available upon request.
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Figure 5: Kaplan-Meier failure function of transition length to a first job from 14 years
old (condition 2)

Condition: Never been employed before 14 years old

Figure 6: Kaplan-Meier failure function of transition length from school to a first job
(condition 3)

Condition: Having ever attended school and not worked before end of schooling
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4 Analysing the transition lengths gap

4.1 Cox-proportional hazard models

4.1.1 Model presentation

Individual characteristics also influence the probability to find a job: the transition
lengths should differ according to a set of covariates. Semi-parametric Cox propor-
tional hazard models helps to go deeper into the analysis by studying the effect of
some observables on the likelihood of accessing to a first job before a given period of
time (Cox, 1972). More precisely, Cox model expresses the instantaneous prospect,
for an individual with a given set of explanatory variable X, of leaving the never-
employed state at age a, having never been employed up to that point, i.e. the hazard
λ(a) = f(a)/S(a) at age a. A component θ is incorporated into the hazard function
to disentangle the baseline hazard λ0(a) (common to all individuals) to the specific
individual characteristics.

Covariates include the level of education (approximated by the same-sex parent’s
educational level as some of them have still not finished their education at the time
of the survey), the birth cohort (4-year span), and the familial status.10 A dummy of
primary school attendance is also integrated in this set of covariates and is considered
as time-invariant as surveyed individuals are aged from 15 to 29. The proportional
hazard function is however violated by some age-varying characteristics. Being a mi-
grant does not have the same effect (related to the assimilation process and the shared
educational experience) for a teenager than for a young adult. Other events, like get-
ting married or having children, appear later in the life cycle but should be integrated
as it might modify the job search behaviour.11 The Cox model is thus extended to
include the set of age-varying covariates Zi(a) = Zig(a) that varies over age through
the function g(a). I fit the model to reflect that these covariates might have a declining
effect over time: g(a) is thus a logarithm function of age. Finally, to allow the baseline
hazard to be different according to the area of origin (urban/rural) and sex, I stratify
by these two variables. The predicted hazard, estimated by maximum likelihood, for
an individual i is given by:

λr,s(a) = λ0(a)exp
∑K

i=1
(βr,sXi)+g(a)[

∑K

i=1
(γr,sZi)] (2)

where λ0(a) is the baseline hazard, Xi the age-invariant characteristics, Zi the age-
varying characteristics, r the stratification by area of origin and s the stratification by
sex.

10As the date of school-exit does not appear at the same age for all individuals, we add age at exit in the
set of covariates for the third transition (one would expect that an older school-leaver have a higher risk
ratio, due to his age and the higher educational level completed). Besides, education level is directly
estimated for this transition.

11A Schoenfeld residual test confirms that the mentioned variables should be considered as time-dependent.
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4.1.2 Results

Table 3 presents hazard ratios from the extended semi-parametric Cox propor-
tional hazard model, with stratification by sex and area of origin. Columns (1), (4)
and (7) estimate the conditional probability that a young enters a first job within a
particular month (given that this has not occurred prior to this month) with only the
migration experience as explanatory variable. A hazard ratio larger than one indicates
a faster transition while a ratio lower than one suggests that the access to a first job
takes more time.12 Results are similar to Kaplan-Meier estimations: being a migrant
reduces the likelihood of entering into employment by 4 per cent to 11 per cent ac-
cording to the specification. The difference in hazard ratio is however only significant
for the first transition.

When controlling for relevant characteristics, migrants seem to enter faster than
non-migrants to employment: the prospect of finding a job before the date of survey
is 4 per cent (5 per cent) higher for migrants than for non-migrants (resp. columns
(2) and (5)). The school-to-work transition still shows no-significant impact of being
a migrant on the duration of the never-employed state.

Columns (3), (6) and (9) add interaction terms to take into account the hetero-
geneity of migrants. For easier interpretation, all specific hazard rates are recalculated
according to the type of migrants (using interaction terms) and are presented in Annex
table A.1.13 Different patterns emerge according to the area of destination: in rural
areas, migrants seem to enter into employment at a younger age than non-migrants.
One explanation is that migration towards rural areas refers to temporary migration
of agricultural workforce, moving in response to labour demand. The opposite pat-
tern prevails in urban areas, where migrants, especially those coming from rural areas,
spend more time in the ”never-employment” state. Results highlight also no signifi-
cant gender difference.

The migrant youth population is heterogeneous also in terms of reasons for mi-
gration. Estimations are re-performed in Table A.2 (in Appendix) on sub-samples of
three-types of migrants: the first group gathers those who migrate for educational
or employment purposes (159 observations). Young people in this group may have
higher chance to be employed compared to other types of migrant, as they may have
a stronger willingness to find a job. The second group clusters young women that
migrate for marriage reasons (175 observations). They should have access to social
capital from their spouse, but may get bogged down in familial responsibilities. The
third sub-population (176 observations) refers to youth that have migrated to fol-
low their families, and may have benefited from the same childhood environment as

12As suggested in the introduction, a shorter transition is uncorrelated with a ”successful” transition, as
we do not disentangle by the quality of the job obtained, due to the marginal prevalence of formal
employment.

13Only the first transition measure is discussed here as the two others show no significant statistical
differences in transition lengths between migrants and non-migrants.
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non-migrants (though a discrimination effect might still exist). Regarding the first
transition measure, previous conclusions hold: whatever the type of migrants, the
transition length is shorter for migrants than for non-migrants, once relevant covari-
ates are accounted for. However, when excluding the specific case of child labourer
(Transition 2 and 3), diverse results emerge. Economic migrants and marriage mi-
grants enter faster into employment, confirming previous literature on the positive
selection of this type of migrants, having specific characteristics (Borjas, 1987) or us-
ing networks or marriage with a resident to reduce the information costs regarding
local job markets (Basu, 2015). This result also confirms that higher skills transfer-
ability is observed among economic migrants (Chiswick & Miller, 2012). Conversely,
transitions for family migrants seem to take longer. As they arrived with their family
(presumably at an early age) they should have benefit to the same education than
residents, excluding the issue of skills transferability. Besides, these migrants reported
having moved because the family moved, thus presumably they are not (positively)
self-determined into migration. Their job access differential could be related to their
familial background and history (in the case of refugees). They could also face to
pure tasted-based discrimination, leading to a desire from employers to avoid specific
groups (Becker, 1962). In such cases, employers underestimate migrant’s productivity
in respect to non-migrants, adding difficulties in the migrant’s search for employment.
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Table 3: Cox regressions on transitions to a first job

Transition 1 Transition 2 Transition 3
(1) (2) (3) (4) (5) (6) (7) (8) (9)

Time-varying covariates
Migrant 0.892** 1.043* 1.921*** 0.958 1.049 1.175 0.916 0.968 0.912

(0.050) (0.024) (0.372) (0.064) (0.050) (0.136) (0.087) (0.057) (0.111)
Mig*rural origin 0.566*** 0.893 1.017

(0.109) (0.096) (0.115)
Mig*urban resi-
dence

0.490*** 0.841 1.064

(0.095) (0.093) (0.122)
Mig*male 1.021 1.094 1.041

(0.048) (0.106) (0.135)
Urban residence 0.947 1.803*** 1.066 1.169** 1.057 1.029

(0.032) (0.342) (0.056) (0.089) (0.056) (0.062)
With children 0.995 0.992 1.051 1.051 0.901* 0.899*

(0.026) (0.026) (0.057) (0.057) (0.056) (0.056)
Single 0.990 0.984 0.942 0.939 0.983 0.978

(0.026) (0.026) (0.051) (0.051) (0.060) (0.060)
Time-invariant covariates
Male 1.161***1.147** 1.167** 1.136* 1.145* 1.149*

(0.062) (0.066) (0.073) (0.074) (0.088) (0.088)
Rural origin 1.086 6.230*** 1.202** 1.377*** 1.152* 1.147

(0.102) (3.324) (0.103) (0.165) (0.097) (0.097)
Parents-primary 0.856***0.859** 0.903 0.908

(0.051) (0.051) (0.069) (0.070)
Parents-
secondary

0.757***0.775*** 0.807* 0.819*

(0.075) (0.076) (0.095) (0.096)
Parents-higher 0.777* 0.795* 0.894 0.909

(0.104) (0.107) (0.135) (0.137)
Primary level 1.612***1.600*** 1.537***1.526*** 1.281 1.310*

(0.086) (0.085) (0.100) (0.099) (0.201) (0.209)
Secondary level 1.077 1.098

(0.168) (0.174)
Higher level 0.987 1.008

(0.157) (0.162)
Age school exit 1.276***1.277***

(0.019) (0.019)
Control for cohort No Yes Yes No Yes Yes No Yes Yes
Stratification Yes No No Yes No No Yes No No
Observations 2,208 1,914 1,914 1,530 1,305 1,305 744 744 744

Stratified by sex and area of origin. Note: migrant is considered as time-invariant in model (1), (3) and
(5) and as time-varying observable in models (2), (4) and (6). Variables in tvc equation interacted with
ln( t). Transition 1: from date of birth to first job. Transition 2: from 14 years old to first job. Transition
3: from school exit to first job.

.
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4.2 Decomposition in duration model

4.2.1 Difference in structure and endowments

This paper does not address the presence of unobserved heterogeneity (as for in-
stance selection into migration) that potentially bias the comparison of hazard ratios
between individuals λr,s(a). However, the proportion of these unexplained factors can
be estimated through decomposition methods (Oaxaca, 1973; Blinder, 1973).14 The
extension of the detailed decomposition to non-linear models is not straightforward
and introduces a number of econometric challenges for estimating it without strong
assumptions. 15 First, results are sensitive to the order in which variables enter into
decomposition (the so-called path-dependency). Second, specific properties to the
decomposition cannot be applied (notably the additive linearity and the mean condi-
tional independence assumptions).

The Yun decomposition method (Yun, 2004) is an approximation of the Oaxaca-
Blinder decomposition for non-linear models that handles path-dependency. This
method uses counterfactual scenario by comparing the sample mean of the estimated
function for migrants m and residents r.16 F (Xmβm) and F (Xrβr) respectively refer
to the cumulated hazard function for migrants and residents. The mean difference in
cumulated hazard between m and r can be expressed as follows:

F (Xmβm) − F (Xrβr) = [F (Xmβm) − F (Xrβm)] + [F (Xrβm) − F (Xrβr)] (3)

The first term of the equation refers to the composition (explained) effect, that is to
say, the part of the differential attributable to differences in characteristics. It reflects
the counterfactual comparison of the gap in transition lengths from the migrant per-
spective, or in others words, the difference in outcome if migrants were given residents’
distribution of covariates. The second term is the part of the differential attributable
to differences in coefficients. This (unexplained) effect reflects the residents’ perspec-
tives, which are the expected difference in residents’ transition length if there were

14The original Oaxaca-Blinder decomposition is estimated by first obtaining the parameters from ordinary
least square (OLS) regression for each group (here migrants m and resident r), and second by defining a
counterfactual situation, that is to say by determining the value of the outcome that one group would
have if it had the same values of covariates than the other group. The difference in sample mean
ȳm − ȳr is then decomposed into an unexplained â or structure â effect and an explained component â or
composition or endowment â effect. There is discrimination when the structure effect is non-zero while
the two groups have the same mean in observables.

15The aggregate decomposition using counterfactual regression is possible whatever the shape of the dis-
tributional statistics.

16Due to the Jensen inequality and the non-linear nature of the outcome, even if the two groups have
identical means in observables, the decomposition does not result only in a structure effect. A remainder
term is confounded with the unexplained effect, leading to an approximation of the discrimination extent
(Bazen & Joutard, 2013).
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experienced migrants’ behavioural responses to covariates. This unexplained factor
confound differences in returns of unobservable characteristics and unobserved skills
(such as differences in search frictions, reservation wages and level of productivity)
that has led to selection into migration and are correlated with labour market out-
comes.

To solve the problem of path-dependence, Yun (2004) uses weights derived from a
first-order Taylor linearisation of equation (3) around Xrβr and Xmβm. The detailed
decomposition can be re-written as:

F (Xmβm) −F (Xrβr) =
∑K
k=1WXk[F (Xmβm) −F (Xrβm)] +

∑K
k=1Wβk[F (Xrβm) −

F (Xrβr)] (4)

where the weight funtions Wβk = X̄M
k (β̂M

k −β̂R
k )∑K

k=1
x̄M

k
(β̂M

k
−β̂R

k
)

is the coefficient weights re-

flecting the relative contribution of each covariate (based on the magnitude of the
difference in the size of the effect) weighted by the mean value of the covariate in the
resident group. The composition weights Wxk = β̄M

k (x̄M
k −x̄R

k )∑K

k=1
β̄M

k
(x̄M

k
−x̄R

k
)

reflect the relative

contribution of each covariate based on the magnitude of the difference in the mean
value of the covariate, weighted by the effect of the covariate in the migrant group.
We apply this simple and path-independent method to disentangle the sources of the
migration gaps in mean transition duration.

4.2.2 Results

While literature tends to focus on the specific role of observable education and
family background in explaining any difference in labour market performance, Ta-
ble 4 shows that most of the raw gap in transition 1 and transition 3 is due to the
unexplained component. The unexplained effect quantifies the change in migrants’
hazard when applying the non-migrants’ coefficients to the migrants’ characteristics
(difference in structure). This component has a complex interpretation as it could
reflect omitted characteristics, unobservable skills, differences in behaviour or prefer-
ences, or even discrimination. One striking result is that the unexplained part for the
first transition is almost exclusively driven by the fact of being originated from rural
areas. The unobservable effect of this variable disappears when focusing on non-child
labourers (transition 2), suggesting that the results might be driven by difference in
preference regarding child labour in rural areas.

The raw gap in the second transition is due to the explained component. This
component reflects what the migrant gap in transition length would be if migrants
and non-migrants would have the same characteristics and suggests that in such cases
transition length would be longer for migrants. When we look at the detailed decom-
position, we see that the gap is mainly due to differences in age cohorts and levels of

16



education between migrants and non-migrants. The same observable factors explain
also (in similar magnitudes) the explained component of the first transition.

The school-to-work transition follows a different pattern in explaining the migrant/non-
migrants differential in transition lengths. Regarding the explained component, gender
has a leading role, even though access to education, having children and age cohort
have also some influence. However, the raw gap in school-to-work transition is mainly
driven by the unexplained part, and more precisely by difference in returns to gender
(through some discrimination effect or difference in time-use preference) and in return
to education.

Table 4: Overall and detailed decomposition

Transition condition 1 Transition condition 2 Transition condition 3
Explained Unexplained Explained Unexplained Explained Unexplained

Overall 0.145 1.218 0.135 0.066 0.048 0.257
Parents-primary 0.000 0.002 0.000 -0.037 0.000 -0.204
Parents-secondary 0.001 0.000 0.001 0.000 0.000 -0.003
Parents-higher 0.000 0.000 0.000 -0.001 0.000 -0.001
Primary level 0.021 0.004 0.021 -0.010 0.023 -0.004
Rural origin 0.001 1.292 0.001 0.000 0.000 -0.004
Male 0.010 0.010 0.010 -0.067 0.131 -0.381
Have children 0.000 0.001 0.000 -0.011 0.009 -0.026
Single 0.001 0.001 0.002 -0.004 0.001 0.000
Urban residence 0.001 0.021 0.000 -0.003 0.010 -0.007
15-19 y.o. 0.003 0.000 0.002 0.000 0.005 -0.004
20-24 y.o. 0.034 0.000 0.039 -0.012 0.022 -0.002
25-29 y.o. 0.007 0.001 0.006 -0.010 0.005 0.000

5 Conclusion

This paper aimed at approximating the difficulties a young migrant can experi-
ence in the labour market at destination by analysing if there is some differential in
the first job transition between migrants and non-migrants. To this purpose, several
transition lengths to a first job are estimated. Simple comparison of transition lengths
(through Kaplan-Meier estimates) lead to the wrong conclusion that migrants enter
into the labour market at a younger age than non-migrants. As migrants are signifi-
cantly different in observables from non-migrants, analyses are refined with the use of
Cox-proportional hazard models allowing the inclusion of individual characteristics.
Estimates revealed that the transition duration is significantly shorter for migrants
once controls have been taken into account, i.e. non-migrants attain a first job at
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a older age than migrants (transition 1). When we focus on never-child labourers
(transition 2) or the school-to-work transition (conditionally on having ever attended
school and starting to work after school exit), there is no more significant gaps.

Further results highlight the need to take into account migrants’ heterogeneity:
findings differ widely according to the area of origin and destination: migration can
accelerate the transition to a first job process only in urban areas. Urban-to-rural
migrants are worse-off as they have 92 per cent lower chance to find a first job than
rural non-migrants, potentially due to a mismatch in their qualifications. There is no
sharp observed difference between young men and women. Results also differ widely
according to the reasons for migration. In particular, while family-migrants enter a
first job at an older age than non-migrants, the opposite pattern prevails for economic
and marriage migrants. Whatever the destination, the school-to-work transition takes
much more time for migrant women than non-migrant women, while the opposite pre-
vails for young men.

Any generalization towards discrimination according to gender, area of origin
and/or residence is however misleading as the distribution of age, education and per-
sonality is different between migrants and non-migrants. A Yun (2004) decomposition
was performed to distinguish if differentials in transitions are due to a gap in observ-
ables or relied more on unobservable effects. Here again, results differ according to
the transition measure studied: the first transition gap in duration is mainly driven
by unobservable factors, related to rural origin, while under transition 2 (for never-
child labourers), the gap is explained by observable level of education and age cohort.
It suggests a differential role regarding child labour preference among migrants and
non-migrants. Differences in transition duration from the end of school to a first job
are led by explained and unexplained effects of gender and education.
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Annex A. Kaplan-Meier estimates - Further results

Table A1: Kaplan-Meier failure function - Transition to a first job accroding to reason for
migration

Non-migrants
Migrants

All types Economic migrant Marriage Family migrant

Years since T0
5 0.000 0.000 0.000 0.000 0.000
10 0.1372 0.0747 0.0355 0.0833 0.1067
14 0.3188 0.2431 0.1633 0.3077 0.252
20 0.7708 0.7232 0.6789 0.7756 0.7074
25 0.9604 0.9561 0.9451 0.9728 0.9478
29 0.9981 0.9969 1.000 1.000 0.987
Log-rank test
chi2(1) 8.5 8.71 0.00 5.29
Pr2 0.0035 0.0032 0.9806 0.021

Table A2: Kaplan-Meier failure function - Transition to a first job according to origin and
destination areas

Destination: Urban areas Destination: Rural areas

Non-migrants
Migrants

Non-migrants
Migrants

Years since T0 From urban From rural From urban From rural

5 0.000 0.000 0.000 0.000 0.000 0.000
10 0.0643 0.0149 0.0297 0.1597 0.1218 0.0714
14 0.1833 0.1194 0.1688 0.3604 0.335 0.1968
20 0.6719 0.5877 0.6457 0.801 0.8402 0.644
25 0.9372 0.9383 0.912 0.9674 0.9893 0.9485
29 1.000 1.000 1.000 0.9975 1.000 0.9742
Log-rank test
chi2(1) 1.95 0.21 0.25 7
Pr2 0.1625 0.6429 0.6181 0.0081
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Table A3: Migrants heterogeneity - Cox PH estimations (hazard ratio)

Condition1 0.533*** 0.544*** 1.087** 1.109** 1.921*** 1.962*** 0.942 0.962
(0.102) (0.107) (0.036) (0.049) (0.372) (0.377) (0.048) (0.052)

Condition2 0.882 0.966 1.049 1.148 1.175 1.286** 0.988 1.081
(0.089) (0.122) (0.076) (0.113) (0.136) (0.143) (0.097) (0.108)

Condition3 1.044 1.033 0.933 0.923 0.912 0.903 1.020 1.010
(0.103) (0.158) (0.080) (0.128) (0.111) (0.122) (0.131) (0.149)

Sex Female Male Female Male Female Male Female Male
Residence Urban Urban Rural Rural Rural Rural Urban Urban
Origin Rural Rural Rural Rural Urban Urban Urban Urban

22



Table A4: Cox regressions - Transitions to a first job by reasons for migration

Transition 1 Transition 2 Transition 3
(1) (2) (3) (4) (5) (6) (7) (8) (9)

Economic migrants
Migrant 0.807** 1.036 1.951*** 0.936 1.122 1.382* 0.889 0.961 0.850

(0.072) (0.041) (0.427) (0.093) (0.085) (0.239) (0.125) (0.084) (0.167)
mig*rural origin 0.585** 1.035 1.019

(0.126) (0.167) (0.182)
mig*urban resi-
dence

0.469*** 0.723* 1.121

(0.100) (0.124) (0.246)
mig*male 1.050 0.971 1.111

(0.077) (0.139) (0.213)
Observations 1,926 1,676 1,676 1,329 1,140 1,140 729 729 729

Marriage migrants
Migrant 1.002 1.112***2.041*** 1.033 1.085 1.477** 0.861 0.987 1.049

(0.090) (0.041) (0.448) (0.112) (0.085) (0.262) (0.117) (0.082) (0.214)
mig*rural origin 0.562*** 0.795 0.941

(0.124) (0.149) (0.199)
mig*urban resi-
dence

0.485*** 0.678** 0.958

(0.106) (0.119) (0.186)
mig*male 1.021 8,090.202*** 1.000

(0.395) (22,713.509) (0.000)
Observations 1,939 1,689 1,689 1,320 1,135 1,135 737 737 737

Family migrants
migrant 0.882 0.983 1.696** 0.893 0.951 0.757 1.010 0.992 0.816

(0.086) (0.037) (0.371) (0.103) (0.072) (0.152) (0.170) (0.105) (0.223)
mig*rural origin 0.567*** 1.037 1.113

(0.121) (0.191) (0.283)
mig*urban resi-
dence

0.526*** 1.144 1.525

(0.116) (0.221) (0.427)
mig*male 1.095 1.440** 1.079

(0.083) (0.227) (0.253)
Observations 1,915 1,677 1,677 1,307 1,132 1,132 710 710 710
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