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Abstract

While theories of child labor make di¤erent assumptions, explicit or implicit, about

parents�preferences, the impact of child work on parents�welfare is basically un-

known. In this paper, we originally reveal parents�perception about child work by

testing how it impairs their subjective well-being. On a sample of Mexican house-

holds, we �nd that child labor causes a welfare loss to parents of working children,

equivalent to a 13 � 18% drop in their income. Crucially, this loss coincides with

the level of resources generated by children themselves, making child labor a ratio-

nal choice on average. This hides contrasted situations, however. To unveil some

heterogeneity in parents�implicit preferences, we �rst instrument child labor using

child productivity. This provides us with local e¤ects which capture an upper bound

of parental distress (as high as 30�40% income loss equivalent). Simple interactions
then yield the lower bound �no disutility �for households in the agricultural sec-

tor. These results show that contrasted theories can coexist for the same country.

A share of child labor in Mexico may disappear as (highly su¤ering) parents escape

from poverty. The rest of it may be more insensitive to anti-poverty policies and

will take more time to eradicate, as the main deciders, parents, do not seem to be

a¤ected.
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1 Introduction

The development literature has focused on the economic determinants of child labor, be

it poverty or market constraints. It is however di¢ cult to explain the persistence of child

labor in some regions of the world �or its disappearance �without investigating the role

of parents�views. In fact, theories of child labor explicitly or implicitly make di¤erent

assumptions about parents�preferences for child work. For some, child labor is explained

by extreme poverty under the assumptions that parents view child labor as a bad (the

"luxury axiom", see Basu and Van, 1998).1 Other theories point to market constraints or

low returns to formal schooling as the main explanations, which may induce child work

also in non-poor environments (the "wealth paradox", see Bhalotra and Heady, 2003;

Dumas, 2013). Households in these situations are not near subsistence levels � if they

make children work, this must imply a lower level of disutility from child labor. It is even

possible to think of cases where child work is neutral or positively valued, if seen as a

form of transmission or human capital accumulation by parents (Rosenzweig and Wolpin,

1985, de Vreyer et al., 1999). In empirical terms, however, the impact of child labor on

parents�well-being is basically unknown.

In this study, we infer parents� implicit perception about child work by testing how it

impairs their subjective well-being (SWB). This is an original use of SWB information in

the context of developing countries. SWB measures are becoming increasingly available in

the world and can serve as a relevant index to summarize living conditions. For instance,

variations in SWB have recently been used to indicate how shocks related to climate

changes or devaluation a¤ect the well-being of fragile households in poor countries.2 In

our context, direct questions to parents on how they feel about child work may not give

true answers on this sensitive topic. Our approach is therefore an attempt to "reveal" the

true impact of child work on their (subjective) welfare.

Our application is carried out on a sample of households from Mexico, a country where

child labor remains a challenge despite an important decline over the years 2000s.3 We

begin with an estimation of mothers�and fathers�SWB on child work together with a

rich set of controls. Because bad economic circumstances or parents� own de�ciencies

may push children at work while creating parental distress, we control for a large array of

1According to the "luxury axiom", parents make their children work only if they cannot reach a

subsistence level of consumption without child income. Other models simply posit disutility from child

work (Bommier and Dubois, 2004, Basu et al., 2010).
2See Alem and Colmer (2014) and Hariri et al. (2015) respectively. See Graham (2005) and Clark

and Senik (2015, ed.) for a general review of SWB used in developing contexts.
3UCW (2012) reports that around 870; 000 children under 14 years old were working in this country

in 2011 (almost �ve percent of this age group).
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characteristics including wealth, �nancial situation and various shocks experienced by the

household. We also use panel information to include quasi-�xed e¤ects that may reduce

endogeneity concerns. We �nd that child labor is responsible for a signi�cant parental

welfare loss. It hurts both mothers and fathers, yet possibly for di¤erent reasons. For

child working households (Average Treatment on the Treated, ATT), it is equivalent to

13 � 18% of household income. As a matter of fact, this loss broadly coincides with the

share of household resources generated by children themselves. Hence, it seems that child

labor is not an irrational choice on average. This hides contrasted situations, however.

To unveil some heterogeneity in parents�implicit preferences, we �rst estimate SWB and

child labor jointly while instrumenting child labor using child productivity. The Local

Average Treatment E¤ect (LATE) characterizes households who make children work only

if productive enough. As such, it corresponds to an upper bound of parental distress,

which can be as high as 30 � 40% income loss equivalent according to our estimations.

We also obtain heterogenous e¤ects by simply interacting child labor with household

characteristics. We �nd a lower bound �zero disutility �among parents in the agricultural

sector and in regions with high prevalence of child work.

This study is a �rst exploration of parents� "preferences" regarding child work. Yet,

we can already reach some conclusions. The extent of preference heterogeneity found in

Mexico conveys that the di¤erent theories of child labor can coexist in the same country.

Part of child work in Mexico may disappear as (highly su¤ering) parents escape from

poverty. The rest of it may be more di¢ cult to change. In particular, policies aiming to

curb poverty or to lift market constraints may not be su¢ cient in a rural context. In

Latin America, where education and child labor are not mutually exclusive, this could

explain why conditional cash transfers like Progresa/Oportunidades had little impact on

child labor (see de Janvry et al., 2006, and de Hoop and Rosati, 2014). Finally, we

point to a substantial degree of heterogeneity within households. Using information on

decision power, we show that the spouse who decides upon child work is less a¤ected by

its consequences than the powerless spouse. This is an original way to con�rm some of

the previous evidence about the potential role of empowerment on child labor.

2 Data

2.1 Data and Selection

We use the 2002 and 2005 waves of the Mexican Family and Life Survey (MxFLS), a rep-

resentative panel of Mexican households and individuals. It provides subjective measures

of mental health for adults as well as information on their physical health, education,
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labor market activities and decision power in the household. There is also data on child

working time, broad types of activities and earnings, as well as household circumstances

(income, wealth, liquidity constraints, participation to Progresa, experience of a recent

shock, etc.). The original sample for year 2002 (2005) consists of 35; 677 (39; 663) indi-

viduals in 8; 052 (8; 134) households. We keep couples of adults aged 18 to 60 years old

leaving with their children. We exclude observations with missing dependent or indepen-

dent variables, outliers for key variables (like SWB and child labor information) and the

few households where fathers are not employed, hence keeping 40% (35%) of the initial

sample. Merging the two years gives a panel of 3; 526 households (5; 515 household-year

observations).

2.2 Subjective Well-being

Our dependent variable is constructed using original questions about adults�emotional

well-being over the past four weeks of the interview. Precisely, the survey is composed of

21 questions asking respondents about feelings such as sadness, insecurity, sleeplessness,

etc., during this time (each question is measured on a 4�point scale). These questions
are very similar to those of the General Health Questionnaire (GHQ), widely used for

assessing SWB in economics and psychology (e.g., Clark and Oswald, 1994, 2002). The

GHQ is highly correlated with other self-reports of life satisfaction and happiness. As

explained in detail in Appendix A.1, we retain the 10 most salient questions to de�ne a

GHQ-10 measure ranging from 10 (the lowest well-being) to 40. This composite index is

then used as a proxy for the individual utility of each parent in our dataset.

We keep in mind the di¢ culties surrounding SWB estimations (see the discussion in

Krueger and Schkade, 2008, or for poverty measurement, in Ravallion, 2015). First, a

well-known issue is the possible lack of interpersonal comparability in well-being measures.

We address it by adding individual e¤ects in some of the speci�cations. Notice also that

we are not interested in SWB scales per se but in the trade-o¤ between income and child

labor in SWB equations �we describe below the way we retrieve "equivalent income"

measures. Second, heterogeneity across parents may precisely concern this trade-o¤. This

issue is explicitly addressed in this paper, as we shall suggest an empirical approach

that deals with the question of essential heterogeneity in our context. Third, we believe

that our mental health index is well suited for revealing short-term implicit preferences

regarding child labor. Indeed, as it captures instantaneous psychic well-being, it tends

to downplay interpretations of utility in terms of intertemporal e¤ects (for instance the

exchange motive: making my kids work today decreases my future returns). Yet it does

not rule out explanations like psychic costs attached to social stigma, bad conscience or

the risk of punishment for illegal child work. Hence, in the robustness check, we will
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replicate estimations separately for the di¤erent questions used in the composite GHQ

index. This may help to provide some insights into the possible mechanisms underlying

parents�emotional response to child situations.

2.3 Child Labor

Statistics for the controls used in our estimations are reported in Appendix A.2. We focus

here on the variable of interest: child labor. Many de�nitions are used in the literature

with respect to age, type of work and work intensity. We believe that children aged

10 � 14 is a reasonable window for our baseline estimations, given that 15 is the legal
working age in Mexico and that a very small minority of children are observed working

under age 10 (including the 5 � 9 years old would considerably reduce the power of
our tests). We nonetheless replicate our estimations using alternative age groups in our

sensitivity analysis. As for work de�nition, our main estimations concern children in paid

work or family business, who work positive hours (broad de�nition) or more than 14

hours per week (strict de�nition). It is in line with the de�nition used by ILO/UCW,

justifying the stricter de�nition as capturing heavy work loads and lower chance of being

able to receive proper education. Our estimations are carried out using the presence of

working children (a binary variable) as principal measure of child labor. Additional results

using the proportion of working children or the average work hours in the household are

also provided. The prevalence of child work is around 7% (4%) with the broad (strict)

de�nition �see Appendix A.2 �which is similar to o¢ cial rates reported in other datasets

and by ILO (UCW, 2012). Our de�nitions exclude occasional workers, which represent

only a minority of cases in Mexico (14% in 2002 and 6% in 2005) and whose activity is

unlikely to a¤ect parental well-being. Note also that the MxFLS is collected over the year

so that child labor as we measure it does not over-represent seasonal work. Finally, we

shall exploit information on child earnings, which is surprisingly frequent: from 33% of

the children working in the agricultural sector up to 94% of the children in manufacturing

do report a wage.

3 Estimations at the Mean

3.1 Empirical Approach

We �rst present an empirical model used to test the average e¤ect of child labor on

parents�mental well-being. Subscripts t and i indicate the period of observation and the

household respectively, s = m; f denote mother and father respectively. The model is
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simply written:

us;it = �slit + xs;its + �s;i + �s;it for s = m; f (1)

with individual utility us;it, proxied by SWB, and child labor lit, as de�ned above. We

control for a set of well-being determinants xs;it, including a measure of (log) household

expenditures c, individual characteristics of spouses (health status, education, age and

ethnicity) and household characteristics (marital and family status, region, assets, debts

or savings, liquidity constraints). We include unobserved individual e¤ects �s;i that can

be identi�ed using panel information. The complete model is estimated by the iterated

SURE method.4

We shall check whether child labor hurts parents (�s < 0) but also whether there is a

di¤erence between men and women (�f 6= �m) and whether child gender and age make
a di¤erence.5 Admittedly, the GHQ-10 scale used for measuring us;it is hard to interpret

directly. Rescaling procedures are sometimes suggested (Clark et al. 2008). The most

transparent way simply consists in expressing child labor e¤ects �s in equivalent income.

To do so, we take the ratio of the coe¢ cient on child labor over the coe¢ cient on log

household expenditure, i.e. �s
cs
= dus=dl

dus=d log c
= dc

c dl=1
, which provides a multiplicative factor

on household resource associated with dl = 1. This elasticity is then interpreted by

considering an increase in the probability of child work compared to its initial value (e.g.

7% in the broad de�nition).

The relative weight on child labor �s captures overall "preferences" about child labor for

each parent s = m; f . We do not presume the sign of �s nor a de�nitive interpretation.

Parents may be a¤ected by the potentially negative outcomes of child work upon child

health, education, well-being and future labor market prospects of the child.6 It is cer-

tainly di¢ cult to discriminate with other, less altruistic reasons for negative values of �s,

as discussed above (e.g. stigma or fear of labor controls). Coe¢ cient �s may also be null

or positive (in contrast with the "luxury axiom"). Indeed, while child labor is associated

to shame and embarrassment in many societies (Lopez-Calva, 2002), it can also be seen

as acceptable by parents in diverse regions of the world. Child labor is indeed related

to the transmission of work values and possibly considered as a relevant type of human

4In simple estimations on the pooled samples, standard errors are clustered at the household level to

account for repeated observation in the panel.
5Notice that we refrain from modelling choices related to education together with the child work

decision. The main reason is that in Mexico like in many Latin American countries, child work and

education are not mutually exclusive. In our selection, only 14% of working children do not attend

school, which is only slightly larger than the overall proportion of children out of school (11%).
6Negative outcomes are estimated in few studies (mainly because of the di¢ culty to account for

selection on omitted variables), notably Beegle et al. (2009) and Emerson and Souza (2011).
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capital accumulation (Rosenzweig and Wolpin, 1985; de Vreyer et al., 1999; Emerson and

Souza, 2003).7 Overall, then, there is room for heterogeneity in preferences, which we

shall explicitly address in the next section.

3.2 Endogeneity and Interpretation of the E¤ect

Measuring the e¤ect of child labor on SWB is subject to usual endogeneity issues. Reverse

causality might occur if child work makes up for parents with reduced labor capacity and

associated depression. This would overstate a negative relationship between well-being

and child labor. To attenuate such a bias, we control for parents�health variables in

great detail and select only households where the father is employed (very few households

have unemployed fathers).8 A related case consists of parents at work but with lower

productivity due to emotional distress. To some extent, this is taken into account by

including household income or expenditure.9

Some confounding factors may also a¤ect parents�mood while in�uencing child work

decisions. This is the case of continuous indebtedness or �nancial di¢ culties. While this

is partly controlled for by household variables like liquidity constraints, debts, savings

and assets, we also use panel estimators to account for individual-speci�c well-being.

This treatment does not cover time-varying omitted variables, for instance a temporary

hardship a¤ecting parents�well-being and, simultaneously, increasing the likelihood of

child work. For this, we suggest checking if results change when adding information

about bad events. The MxFLS contains information on various shocks: death of a relative,

illness or serious accident of a household member, unemployment or business failure of

a household member, home or business loss due to natural disaster, total loss of crop.

Another approach is to instrument child labor. Yet, as we know since Angrist et al. (1996),

IV estimates are Local Average Treatment E¤ects (LATE). That is, they characterize the

e¤ect of a speci�c population, the "compliers". Interestingly in our context, they can be

used to derive a lower bound on parents�preferences, as explained in the next section.

7This view and self-reinforcing norms may explain the prevalence of child labor in traditional societies,

as much as it was during the Industrial Revolution in 19th century Europe and the US (Parsons and

Goldin, 1989). Rare studies have addressed the question of preference aggregation in social norms regard-

ing child labor, see Lopez-Calva (2002) and Strulik (2013). Pro-child labor behavior can be explained by

whether parents have themselves worked when they were young, the basis for a socially acceptable norm

(Wahba, 2006) and the persistent of child labor (Emerson and Souza, 2003).
8We could not do the same for mothers given the very low rate of female labor market participation

in Mexico. Hence, we simply control for female work in the estimation.
9We have also included work hours together with wage rates for those in work (and predicted wages

for women out of work). We did not �nd that these factors a¤ect well-being signi�cantly once household

income and individual education is accounted for, and drop them from our baseline estimations.
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The third source of endogeneity precisely pertains to heterogeneity, an aspect which has

received little attention in the SWB literature. To characterize the potential bias, let us

replace the coe¢ cient on child labor by �s;i = �s + �s;i, with �s the population mean

e¤ect and heterogeneity such that E(�s;i) = 0. The estimated system becomes:

us;it = �slit + xs;its + �s;i + (�s;it + �s;ilit), for s = m; f: (2)

There is "essential heterogeneity" in response to a treatment if, after conditioning on

observables, corr(lit; �s;ilit) 6= 0 (Heckman et al., 2006).10 Clearly, parents who make

their children work must be those who su¤er less from it, other things being equal. In

this context, corr(lit; �s;ilit) > 0 so that we tend to overestimate the mean e¤ect �s when

interpreted as an average treatment e¤ect (ATE). In fact, the e¤ect obtained from linear

estimations is simply the average treatment on the treated (ATT), i.e. the mean e¤ect

on households with children at work, if we assume that �s;it ? �s;i. This assumption is

all the more plausible as we condition on individual heterogeneity �s;i. Precisely, a linear

estimation of equation (2) gives:

E(us;it=lit = 1; �s;i)� E(us;it=lit = 0; �s;i) (3)

= �s + E(�s;it + �s;i=lit(�s;i) = 1; �s;i)� E(�s;it=lit(�s;i) = 0; �s;i)
= �s + E(�s;i=lit = 1; �s;i) if �s;it ? �s;i=�s;i
= e�sATT :

To conclude, our baseline estimations will only provide an average e¤ect for the population

of working child families (ATT). This is not an issue: we are mainly interested in preference

heterogeneity and can suggest bounds around the ATE. In the next section, we shall

characterize ATT, ATE and LATE as weighted estimators of high and low preferences for

child work. We will see that the ATE stands between the LATE (which represents the

low bound for child labor preferences) and the ATT (as we just de�ned it).

3.3 Results

Table 1 reports for each estimation method the coe¢ cients �m and �f respectively.
11

Starting with our "broad" de�nition of child labor (upper panel), we observe a nega-

10Selection due to "essential heterogeneity" is broadly ignored in the SWB literature as a whole (see

the discussion in Ravallion, 2015).
11The complete set of SWB estimates is available from the authors. Results are very much in line with

the studies reporting determinants of life satisfaction or mental well-being in developed countries (see

Clark et al., 2008, for a survey) or developing countries (see Clark and Senik, 2015 eds, and Graham,

2005). Such a regularity shows that subjective information about emotional quality of life is robust and

meaningful (see also Krueger and Schkade, 2008). A fundamental component of mental well-being is

health, as con�rmed in our estimations. Either simple health scores or detailed chronic illnesses a¤ect
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tive and signi�cantly e¤ect on both mothers and fathers. This is true with models 1-6,

which ensures robust conclusions about the negative impact of child labor. As previously

discussed, this result may imply that parents care about their children but may also be

interpreted as disutility from social e¤ects (like a loss of status for the parents who choose

to make their young children work) or the risk associated with illegal work. To gauge the

magnitude of the e¤ect, we provide equivalent income measures in Table 1: the welfare

loss for households with children at work (ATT) is equivalent to a 13� 14% reduction in

household income for mothers (across models 1-6) and 17� 18% for fathers. The gender

di¤erence is not signi�cant, whatever the model used with the "broad" de�nition of child

work. In the lower panel of Table 1, disutility from child labor is also reasonable when

using the "strict" de�nition, yet slightly (but not signi�cantly) smaller. This could be

due to selection/heterogeneity: households who decide to make children work a lot may

su¤er less from child labor in general. We observe again very stable results: money-metric

welfare losses of 8� 9% for mothers and fathers across the di¤erent models.

Alternative Models. Let us now explain the di¤erent speci�cations. Model 1 includes

only year and region e¤ects along the baseline controls. Model 2 incorporates shocks

experienced by the household. These do not seem to a¤ect coe¢ cients of interest much,

which decreases our concerns regarding time-varying confounding factors. Indeed, child

work e¤ects would be expected to decrease if child labor captured adverse shocks a¤ecting

both family labor supply and parental distress, as discussed above. This does not seem

to be the case, with the exception of the "strict" child work e¤ect for father, which

becomes insigni�cant. Another type of "shock" is the departure of a productive household

members. In the context of Mexico, migration decisions may indeed a¤ect child labor and

schooling (see Antman, 2011). We control for it in model 3, leaving results basically

unchanged compared to model 2. Models 4-6 incorporate individual e¤ects �s;i using

quasi-�xed e¤ects (QFE) model à la Mundlak (1978). While random e¤ects assume no

correlation between unobserved heterogeneity and the regressors, QFE assume restricted

dependency: unobservables are assumed to be linearly correlated with the explanatory

adults�well-being very strongly (yet not their partner�s !). Mother�s work is associated with disutility.

The well-being of both men and women increases with log household income, with cm around 0:18�0:20
across di¤erent speci�cations and cf around 0:15�0:16. Not to be credit constrained improves the mental
well-being of fathers while having multiple debts over the past year depresses both fathers and mothers.

Participation to Progresa increases the well-being of mothers only (once household income, including

transfers from the program, is accounted for). This is consistent with the targeting of this program

towards female adults in poor households, which should have improved their bargaining position. R2

between :05 and :09 are usual in the literature, i.e. observed characteristics explain a small part of the

variation in mental well-being, driven for a large part by individual (genetic or cultural) unobserved

factors.
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variables and can be modeled as the mean values of time-varying covariates over all periods

plus a normally distributed term. The inclusion of QFE, with a large set of time-average

variables as controls (health, work status, family composition), only slighlty increases the

child labor e¤ect. We obtain the same conclusions regarding the role of shocks (model 5)

and whether household members have migrated to the US (model 6).12

Rationale for Child Work. With model 6, our preferred speci�cation, the ATT esti-

mates point to a welfare loss equivalent to 13� 18% of household income (across gender

and using the broad de�nition of child work). If we take this result at face value, how

can we rationalize the fact that parents make children work? First, there is potentially

a large heterogeneity within households. As we shall see, the adults who su¤er may not

be the ones who decide to send children to work. Then, even if parents have common

preferences, there might be rationality errors (as described in the experimental literature)

or people may simply not maximize well-being. In fact, we can go one step further and

rationalize parents�decisions. Exploiting information on children�s earnings (see Appen-

dix A1 and A4), we �nd that children generate around 15% of household resources on

average. This is surprisingly close to our ATT of 13 � 18%. Thus, child earnings seem
to broadly compensate the psychic cost endured by parents from having them working

and/or not being at school.

Type of Child Work, Child Age and Gender. We �nally study the sensitivity of

the child labor e¤ect to the type of work and to children�s characteristics. Detailed results

are reported in Appendix A3. Using the QFE model, Table A.3 shows that moving from

a binary measure (presence of working children) to the proportion of working children or

to the mean worked hours in the household gives similar orders of magnitude (equivalent

incomes are computed in this case as a switch from no child work to the sample mean of the

proportion or of the mean worked hour). We con�rm that the intensity of child work does

12Fixed e¤ects (FE) panel estimation seems a desirable approach in the present context. In particular,

it could solve the essential heterogeneity bias if time variation in child labor cannot be explained by

changes in preferences. Yet this assumption is not completely obvious given changes in norms resulting

from Progresa and other programs. Moreover, FE are di¢ cult to apply in our case. First, important

time-invariant covariates are lost in the process (notably variables related to family composition). Second,

using only time-variation within households considerably reduces the precision of the estimations and,

hence, the power of our tests. Third, there is a speci�c attenuation bias in our context. Indeed, the age

window for the de�nition of child labor makes that children aged 12-14 in 2003 reach the legal working

age in 2005 and are not considered as �child�labor anymore. If having young children at work is more

the cause of disutility than the fact that they work illegally, one does not expect a sudden increase in

well-being when children reach 15 years of age. For all these reasons, we favor QFE, which combine both

within and between variation.
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Table 1: E¤ect of Child Labor on Parents�Emotional Well-being: ATT

"Broad" child labor definition

Mothers Coeff. 0.491 ** 0.461 ** 0.441 ** 0.499 ** 0.468 ** 0.447 **

(0.199) (0.199) (0.199) (0.199) (0.199) (0.199)
Equiv. Income 0.137 ** 0.137 ** 0.128 ** 0.140 ** 0.140 ** 0.130 **
R2 0.113 0.118 0.121 0.118 0.122 0.125

Fathers Coeff. 0.383 ** 0.332 ** 0.330 ** 0.386 ** 0.337 ** 0.335 **

(0.162) (0.162) (0.162) (0.162) (0.162) (0.162)
Equiv. Income 0.169 ** 0.169 ** 0.167 ** 0.181 ** 0.183 ** 0.181 **
R2 0.080 0.090 0.090 0.086 0.096 0.096

"Strict" child labor definition

Mothers Coeff. 0.550 ** 0.510 ** 0.482 * 0.527 ** 0.486 * 0.460 *

(0.250) (0.249) (0.249) (0.250) (0.249) (0.249)
Equiv. Income 0.092 ** 0.091 ** 0.084 * 0.089 ** 0.088 * 0.080 *
R2 0.113 0.117 0.121 0.117 0.122 0.125

Fathers Coeff. 0.336 * 0.290 0.287 0.336 * 0.291 0.288
(0.204) (0.203) (0.203) (0.204) (0.203) (0.203)

Equiv. Income 0.089 * 0.088 0.087 0.094 * 0.095 0.093
R2 0.080 0.090 0.090 0.085 0.095 0.095

Household shocks No Yes Yes No Yes Yes
Migrant household No No Yes No No Yes
Individual effects No No No QFE QFE QFE
# obs. 5,515 5,515 5,515 5,515 5,515 5,515
Notes: Linear estimations of the effect of child labor on the GHQ10 emotional wellbeing index of parents. Child labor defined as the
presence of working children aged 1014 in paid work or family business (broad: hours>0, strict: hours>14). All estimations control for
wellbeing determinants at individual (age, education, ethnicity, detailed health) and family level (wife at work, family composition, log
income, assets, credit constraints, multiple indebtness, year, region). Individual effects are quasifixed effects (QFE) à la Mundlak (time
average characteristics include education, family composition, wife at work, detailed health). Significance levels at 10%, 5% and 1% are
indicated by *, ** and *** respectively.

OLS

(3) (6)(2)

QFE QFE

(5)(4)

OLS QFE

(1)

OLS
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not signi�cantly a¤ect fathers�mood. While data limitation prevents us from decomposing

the total paid work/family business e¤ect into its components, we nonetheless suggest

some proxies for paid work versus unpaid family/domestic work.13 Results are reported

in the last four columns of Table A.3. Interestingly, unpaid work in family business or

domestic activities decreases mothers�SWB but much less than in our baseline estimates

(it has no e¤ect for fathers). In contrast, paid work (which is probably out of the home in

a majority of cases) shows a much stronger e¤ect. With the broad de�nition, it is twice

the baseline e¤ect for mothers and it is signi�cant for both mothers and fathers.

Our results point to gender di¤erences, which may translate di¤erences in "preferences"

about child work or in other aspects (for instance the in�uence of norms governing tra-

ditional roles in household work). The disutility of fathers might be related to a loss of

status or the fear of illegality, rather than to a genuine concern about child at work or out

of school. This would explain for instance the fact that intense child work has less e¤ect,

or the fact that less visible forms of child work (family business / domestic work) has

no e¤ect for fathers. In Table A.4, we replicate our estimations for each of the questions

composing the GHQ-10 index separately. This shows again some di¤erence between men

and women. In particular, child labor has an e¤ect on fewer dimensions for fathers, and

mainly related to feeling "nervous", "insecure" and "under constant fear of something

to happen". In contrast, child labor a¤ects mothers�sleep and feelings of being useless,

depressed or sad.

Finally, Table A.5 presents the speci�c e¤ects of child labor for boys and girls as well as

for di¤erent age groups. We �nd insigni�cant e¤ects for girls, which is likely due to the

very low rate of child work among daughters. This interpretation is reinforced by the

fact that this �nding is true for both mothers and fathers. Regarding age, there is little

di¤erence across groups, except an insigni�cant e¤ect of paid work for children aged 5-11.

Again, this is certainly due to a low power of our test, as very few young children do work

out of the family.

4 Estimations with Explicit Heterogeneity

We now address preference heterogeneity explicitly. We mainly focus on between house-

hold heterogeneity characterized by a representation of latent preference classes. We

13Unpaid family work is based on a speci�c question related to work in family business or on family

farm, and time use information on "agricultural activities". As in Reggio (2011), we pool this occupation

together with domestic tasks (domestic housework, carrying �rewood or water, taking care of siblings or

other members of the household), also obtained from the time use survey. For domestic work, we use a

more demanding de�nition ("broad" corresponds to hours above 10, "strict" above 30).
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then move to simple interaction e¤ects. We end with an investigation of intra-household

preference heterogeneity.

4.1 Heterogeneity across Households: Latent Groups

Characterization. The characterization of preference heterogeneity that follows can be

seen as a discrete simpli�cation of real world variation in child labor preferences. For now,

we ignore heterogeneity between spouses and assume consensual family preferences � for

child work.14 Parents�decisions regarding child labor can be written using a simple labor

supply function l = l(�
+
; y
�
; w
+
). In words, child work increases with parents�preference for

child labor � and with child productivity w. It decreases with y, a variable representing

parents�access to external resources and interpreted as a summary index for the usual

economic determinants of child labor. For instance, it may be low because parents have

low wages on the local labor market (Basu and Van, 1998) or little access to credit

or external labor force to sustain activity on the household farm (Bhalotra and Heady,

2003). For simplicity, we posit two preference types, � and �; and two levels of child

productivity w and w. Taking child productivity as an exogenous determinant of child

labor (an instrument), we can de�ne four latent preference classes. First, households with

su¢ ciently high preferences for child work, �, make their children work whatever the

child wage w. This group is known as "always taker" (A). Those with low preference for

child work, �, can be decomposed in two groups: the "never taker" (N), who have enough

exogenous resources (y) for their children never to work, and the "compliers" (C), who are

poorer or market constrained (y). Compliers make children work only if it is worth it, i.e.

only if children have high productivity w.15 In other words, they are those who respond

to the instrument and, hence, characterize a marginal e¤ect (LATE). It is of particular

interest here as this is the low preference for child work, �: To summarize, and taking

child labor as a binary decision, we can partition the population in four latent groups:

l(�; y; w) = 0 (never takers N) l(�; y; w) = 1 (compliers C1)

l(�; y; w) = 0 (compliers C0) l(�; y; w) = 1 (always takers A),

where compliers are divided between those with low-wage children (C0), who do not work,

and those with high-wage children (C1), who do work.

With this characterization, we can give a clear interpretation to usual estimators. The

14A simple collective model also allows interpreting � as the sum of spouses�preferences weighted by

their respective bargaining power (the Pareto weights).
15We ignore the unlikely case of "de�ers", i.e. households who make their children work only when w

is low (monotonicty assumption).
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e¤ect for households with children at work, the ATT, is written:

e�ATT = �C1� + �A�

�C1 + �A
; (4)

with �g the share of group g = C1; A: As said above, unbiased linear estimations of a child

labor dummy l on utility would precisely give this e�ATT , resulting from a switch from

group (N +C0) to group (C1+A). As shown before, it requires that the disturbance �s;it
is not correlated with preference heterogeneity on child labor, conditional on individual

e¤ects.16 The ATE is written:

e�ATE = (�N + �C0 + �C1)� + �A�;
with �g the share of group g = N;C0; C1. The ATE is clearly much smaller (i.e., a larger

disutility) than the ATT since �A is very small compared to �A
�C1+�A

. With child wage

w as an instrument for child labor, we obtain a third estimator. As suggested above,

IV estimations indeed identify a LATE, which is the average treatment e¤ect on the

compliers:

e�IV = e�LATE
= �:

This is a highly interesting estimator as it provides an upper level of the distress potentially

caused by having a child at work. It allows us to derive bounds for the ATE, as:

e�ATT � e�ATE > e�LATE
�C1�+�A�

�C1+�A
� (�N + �C0 + �C1)� + �A� > �

The four �g proportions sum up to one, which make both inequalities obvious. The ATE

is much closer to the LATE than to the ATT because of the small proportion of child

working households and in particular of "always takers" (�C1 + �A � 7%).
16Dropping subscripts s and t for the ease of exposition, equation (3) can now be interpreted as

e�ATT =
�C1� + �A�

�C1 + �A

= � +
�C1

�C1 + �A
(� � �) + �A

�C1 + �A
(� � �)

= � +
�C1

�C1 + �A
E(�i=li = 1; �i; �) +

�A
�C1 + �A

E(�i=li = 1; �i; �)

= � + E(�i=li = 1; �i):
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Empirical Implementation. Interestingly, many working children in our data receive

a wage, including a non-negligible fraction of the children working in the agricultural

sector. We can therefore estimate child wage equations to impute a productivity w for all

children in our sample, working or not. An instrument for our child work variable is then

calculated as the average predicted wage over all children aged 10-14 in the household.

As explained in detail in Appendix A4, child wage estimations are conducted on a larger

sample of children aged 5 to 17 in order to increase e¢ ciency and to better capture local

labor market conditions. For IV1-IV3, we rely on a standard approach: wage equations

account for basic child characteristics that may a¤ect his/her productivity (age, gender,

being rural and time e¤ects) and correct for selection (the probability of observing wages

among working children is instrumented by parents having their own farm or business).

IV4 is di¤erent: estimations include only municipality dummies, which boils down to

impute to each child a wage equal to the mean wage of his/her municipality. In this

way, we make the instrument possibly weaker but more exogenous, as imputed wages

shall vary with labor market conditions only (but not with child characteristics that may

directly a¤ect parental unobserved heterogeneity �s;it and �s;i, like age or health). IV5

and IV6 are intermediary options where municipal variation is used together with child

basic characteristics as in IV2-IV3.

Results. Table 2 report IV estimates using the household mean wage of 10�14 children
as an instrument for our child work variables. F-statistics for the e¤ect of instruments in

the �rst-stage child labor equations are also reported.17 They are much larger than the

usual threshold of 10, which con�rms the relevance of the instruments. As expected, IV4

is weaker than the other instruments as it uses only spatial variation in child wages, yet

it also passes this informal threshold.

As explained above, IV estimates represent a LATE characterizing households with low

17Estimates of child labor equations are available from the authors. To summarize: Children are more

likely to work when parents are older or when the father is in bad health (recall that we exclude household

with inactive men). While mother�s health seems to have no e¤ect, her labor market participation is

positively correlated with child work, suggesting complementarity between mothers� and child labor

inputs in the family production function. As expected, child labor decreases with household income and

wealth. The proxy for a liquidity constrained household is insigni�cant but having multiple loans in the

past year is signi�cantly associated with more child work (see Abler et al. 1998). Child labor decreases

overall in 2005, re�ecting a secular declining trend in Latin America (UCW, 2012). There is a small but

signi�cant e¤ect of Progresa with broad child work but not with the strict de�nition. This is consistent

with the fact that Progresa increased schooling but did not particularly succeed in reducing the intensity

of child labor (de Hoop and Rosati, 2014). The chance of �nding working children increases with the

number of children in the household and in rural families. Finally, our instrument in�uences child labor

positively and very signi�cantly (p-value of 0:000).
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Table 2: E¤ect of Child Labor on Parents�Emotional Well-being: LATE

"Broad" child labor definition

Mothers Coeff. 0.985 ** 0.914 ** 0.905 ** 0.856 * 0.882 * 0.821 *
(0.491) (0.458) (0.455) (0.460) (0.465) (0.445)

Equiv. Income 0.399 ** 0.369 ** 0.365 ** 0.402 * 0.415 * 0.385 *
R2 0.082 0.082 0.082 0.082 0.082 0.082
Ftest 1st stage 152 150 148 119 131 127

Fathers Coeff. 0.645 * 0.638 * 0.638 * 0.722 ** 0.723 ** 0.718 **
(0.361) (0.358) (0.358) (0.366) (0.344) (0.344)

Equiv. Income 0.373 * 0.369 * 0.369 * 0.541 ** 0.541 ** 0.537 **
R2 0.082 0.082 0.082 0.082 0.082 0.082
Ftest 1st stage 150 148 146 120 132 128

"Strict" child labor definition

Mothers Coeff. 1.210 * 1.111 * 1.101 * 1.121 * 1.144 * 1.067 *
(0.684) (0.587) (0.579) (0.616) (0.627) (0.572)

Equiv. Income 0.290 * 0.266 * 0.263 * 0.318 * 0.325 * 0.302 *
R2 0.082 0.082 0.082 0.082 0.082 0.082
Ftest 1st stage 83 81 81 70 74 72

Fathers Coeff. 0.609 0.602 0.601 0.780 0.699 * 0.695 *
(0.433) (0.426) (0.426) (0.497) (0.412) (0.410)

Equiv. Income 0.208 0.206 0.206 0.351 0.313 * 0.311 *
R2 0.082 0.082 0.082 0.082 0.082 0.082
Ftest 1st stage 81 79 79 71 75 73

# obs. 5,512 5,512 5,512 4,566 4,566 4,566

IV6: age, legal age, rural, male, year, health score, municipality
Significance levels at 10%, 5% and 1% are indicated by *, ** and *** respectively.

Notes: estimations of the effect of child labor on the GHQ10 emotional wellbeing index of parents. Child labor defined as the presence of
working children aged 1014 in paid work or family business (broad: hours>0, strict: hours>14). All estimations control for usual wellbeing
determinants at individual (age, education, ethnicity, detailed health) and family level (wife at work, family composition, log income, assets, credit
constraints, multiple indebtness, year, region). Instruments are mean predicted child wages, using wage estimations on all 517 years old with the
following specification:

IV1: age, legal age dummy, rural, male, year
IV2: age, legal age dummy, rural, male, year, health score
IV3: age, legal age dummy, rural, male, year, health score, region
IV4: municipality (equivalent to local average child wage)
IV5: age, legal age dummy, rural, male, year, municipality

(6)

IV6IV3 IV4

(1) (2) (3) (4) (5)

IV1 IV2 IV5
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preferences for child work. Results con�rm this interpretation: estimates expressed in

money-metric are larger than the ATT, with a welfare loss equivalent to around 37�40%
(37�54%) of household income for women (men) when using the broad child labor de�ni-
tion, 26�33% (21�35%) with the strict de�nition. Remark that these high psychic costs
from child work need not be compensated by child earnings: these estimates characterize

the preferences of compliers, a majority of whom (C0) do not make their children work.

Admittedly, the latent preference classes are a broad categorization of preference hetero-

geneity. We may expect a more gradual distribution of preferences in reality. Nonetheless,

it is useful to �x ideas and to suggest a back of the envelop calculation for �C1
�C1+�A

. If we

assume that QFE estimates proxy the e�ATT and that � = 0 (as conveyed by interaction
terms, as seen below), then this ratio of interest can be calculated as e�ATT/e�LATE accord-
ing to equation (4). Taking a gender average of the equivalent income e¤ects from Table

2, we obtain a ratio of around (�15%)=(�40%) for the broad de�nition of child labor,
and (�9%)=(�28%) for the strict. In both cases, this gives a proportion of C1 among
those with working children of around 1=3 (a proportion of A of 2=3). Using coe¢ cients

rather than equivalent incomes leads to a similar approximation. Hence, among the 7%

of households whose children work, there seems to be a fairly balanced division between

those relying on (productive) children to make ends meet �or to make up with labor

market constraints �and those for whom child labor is not seen as a bad.

4.2 Heterogeneity across Households: Interacted E¤ects

A more qualitative approach to address household heterogeneity consists of simple inter-

acted e¤ects �s;i = �
0
s + zs;i�

1
s for s = f;m, using relevant sources of variation zs;i across

households. Results are reported in Table 3. The �rst dimension is the sector of activity,

splitting e¤ects between the agricultural sector and other sectors (manufacturing, con-

struction and especially trade, transport and services, cf. Table A.2). We observe a large

and signi�cant e¤ect for mothers whose children are employed in these other sectors (it is

not signi�cant for men). In contrast, the e¤ect is much smaller and insigni�cant when chil-

dren are employed in agricultural activities (point estimate is basically zero for women).

This is well in line with child labor viewed as a form of transmission or learning by doing

in the agricultural sector (e.g. Rosenzweig and Wolpin, 1985, de Vreyer et al., 1999). The

second and third sets of results in Table 3 con�rm our interpretation. In non-agricultural

sectors, paid work (likely to occur out of the family) has stronger detrimental e¤ects than

unpaid family work or domestic tasks. Notwithstanding, neither types of occupation do

a¤ect mothers in the agricultural sector, reinforcing the view that this sector values child

work as a way to acquire practical and directly applicable skills for children�s future life
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on the family farm or on local labor markets.18

The last set of results in Table 3 concerns a local "child labor norm" index, aimed to

capture variation in the stigma experienced by child working households. To construct

this environmental factor, we combine our data with the regional rate of child labor

according to external sources (Child Labor Module, Modulo de Trabajo Infantil, of the

Labor Force Survey Encuesta Nacional de Ocupación y Empleo). Child labor rates across

households show a polarized distribution which inspires a cuto¤ at 6%, corresponding

to the 75 percentile (detailed statistics available from the authors). In this way, we

estimate an heterogeneous e¤ect between two groups: those households in the 75% of

regions with lowest child labor prevalence and those in the 25% of regions with highest

child labor rates. Given the fact that child labor is around three times more frequent in

the latter, the number of households with working children is almost balanced between

the two groups in our data. Results in Table 3 are even more clear-cut than with the

sectoral divide: for both men and women, child labor disutility is signi�cant and strong

in the 75% of regions with low child rates. In these regions, the magnitude of the e¤ect

is equivalent to a 42% (50%) income loss for women (men), which is close to what we

have found for the lower preference bound �. In other regions, the e¤ect is basically zero

for women, which gives a concrete case where � � 0. These results are consistent with

existing evidence: communities tend to be more tolerant with practices that are common

or prevalent (Rodgers and Standing, 1981). As a consequence, the stigma cost associated

with child labor decreases with the local proportion of working children.19

4.3 Heterogeneity within Households

An obvious source of individual heterogeneity in child labor preferences pertains to the

potential gender di¤erences (a comparison of �f and �m).
20 More generally, we aim to

18Lands are mainly transmitted by inheritance and agricultural activities are the main employment

opportunity for these future adults.
19Patrinos and Sha�q (2010) even test the in�uence of positive social stigma on indigenous child labor

in Guatemela. They conclude that child work occurs independently of the household economics conditions

when some forms of child economic activities (familial or farm activities) are approved by the society and

associated with a feeling of proudness, dignity, development and learning.
20Several studies show that expenditures on adult (child) goods decrease (increase) when mothers

control a larger fraction of family resources. Evidence for developing countries has relied on adult goods

like alcohol and tobacco (Hoddinott and Haddad, 1995) or on child outcomes like health, nutrition and

survival probabilities (e.g., Thomas, 1990, Rose, 1994). More recent evidence �nds stronger support from

exogenous shocks on adults�individual resources, like the experimental side of Progresa in Schluter and

Wahba (2006). Closest to us, two studies have used subjective information on decision making within

the household to show that when mothers claim to have control over resources, children do work less

(Reggio, 2011, for Mexico) and child nutrition is improved (Lepine and Strobl, 2011, for Senegal). These
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Table 3: E¤ect of Child Labor on Parents�Emotional Well-being: Interaction E¤ects

Mother Coeff. 0.008 0.675 ** 0.531 0.662 ** 0.403 0.295 ** 0.775 *** 0.191
(0.400) (0.305) (0.443) (0.304) (0.288) (0.145) (0.262) (0.432)

Equiv. Inc. 0.002 0.194 ** 0.154 0.192 ** 0.116 0.085 ** 0.417 *** 0.103

Father Coeff. 0.459 0.186 0.582 0.216 0.363 0.108 0.451 ** 0.404
(0.326) (0.248) (0.361) (0.247) (0.234) (0.118) (0.209) (0.349)

Equiv. Inc. 0.247 0.100 0.315 0.117 0.193 0.058 0.505 ** 0.452

Agriculture Others Low

Linear estimations of the effect of child labor (presence of working children, aged 1014, weekly hours >0) on the GHQ10 emotional wellbeing index of
parents. All estimations control for usual wellbeing determinants at individual (age, education, ethnicity, detailed health) and family level (wife at work,
family composition, log income, assets, credit constraints, multiple indebtness, year, region), as well as individual heterogeneity using quasifixed effects
(QFE) à la Mundlak (time average characteristics include education, family composition, wife at work, detailed health). Significance levels at 10%, 5% and 1%
are indicated by *, ** and *** respectively. Interaction with the sector (agricultural or other sectors) for the baseline child definition "paid work or family
business", for wage earners likely to work out of the family ("paid work") and for unpaid children working in family business, on family farm or in domestic
activities ("unpaid family work"), see Table A3 on the detailed questions used to construct these occupations. Interaction with local child labor rate using a
dummy "low" ("high") for households in the 75% (25%) of regions with the lowest (highest) child labor prevalence (these two groups are balanced).

Sector (unpaid family work) Local child labor rate
Interaction with:

Others

Sector (paid work)

Agriculture

Sector (paid or family business)

HighAgriculture Others

check the extent of heterogeneity across individuals, whatever their gender. We must

assume that the balance of power in the household is uncorrelated with the extent of

dissonance in parents�preferences. Under this assumption, we can exploit variation in

decision power to retrieve individual heterogeneity in preferences. In other words, if

parents have di¤erent preferences upon child labor, we must observe that in households

where children work, the powerful spouse has a higher � than the powerless spouse. If we

fail to �nd this result, we may conclude that power does not matter because individual

preferences are relatively homogenous within households.

To proxy decision power in the household, we use questions about which member par-

ticipates in making decisions. Many decisions are covered, like the food eaten in the

household, clothes for each spouse, each spouse�s jobs, etc. We use variables in the sphere

of decisions that concern children (who decides upon child education and child health)

and a Principal Component Analysis estimate of the answers from all decision questions

("female power").21 Results in Table 4 show that powerless parents experience a signif-

icant disutility from child labor while powerful parents are una¤ected. To some extent,

this is in line with the reducing impact of mothers�power on child labor as illustrated

by Reggio (2011) for Mexico. Yet, our results are symmetrical across gender, i.e. it is

�ndings are consistent with mothers caring more, but other interpretations are possible.
21Other questions on who in the household participates in the decision regarding certain assets are also

available but were not used in this paper. Reggio (2011) pools them in an index of mothers�bargaining

power and �nds very similar results as when using the other decision variables.
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not only a question of mothers being more "altruistic" than father. Indeed, we �nd sub-

stantial individual heterogeneity for both men and women, including fathers a¤ected by

child labor when it is decided by the mother. More generally, our results reinforce the

interpretation of subjective decision variables as proxies for decision power and control

over family resources and time allocation, as suggested in Reggio (2011) or Lepine and

Strobl (2011).

Table 4: E¤ect of Child Labor on Parents�Emotional Well-being: Indiv. Heterogeneity

Varying decision power:

Mother Coeff. 0.075 0.500 ** 0.478 0.498 ** 0.198 0.841 **

(0.721) (0.225) (0.501) (0.233) (0.264) (0.352)

Equiv. Inc. 0.021 0.141 ** 0.135 0.140 ** 0.056 0.238 **

Father Coeff. 0.410 ** 0.112 0.391 ** 0.299 0.655 ** 0.052

(0.185) (0.702) (0.186) (0.655) (0.265) (0.228)

Equiv. Inc. 0.191 ** 0.052 0.182 ** 0.139 0.303 ** 0.024
Linear estimations of the effect of child labor (presence of working children, aged 1014, in paid work or family business, weekly hours
>0) on the GHQ10 emotional wellbeing index of parents. All estimations control for usual wellbeing determinants at individual
(age, education, ethnicity, detailed health) and family level (wife at work, family composition, log income, assets, credit constraints,
multiple indebtness, year, region), as well as individual heterogeneity using quasifixed effects (QFE) à la Mundlak (time average
characteristics include education, family composition, wife at work, detailed health). Significance levels at 10%, 5% and 1% are indicated
by *, ** and *** respectively. Interactions with "deciders" on different two relevant domains of family life (child education and health)
are based on corresponding questions in the survey while the "female power" index is constructed as Principal Component Analysis
estimate of the answers from all decision questions.

Decider on child education Decider on child health Female power

her him or both her him or both > median < median

5 Conclusion

Using data on subjective well-being amongMexican adults, this paper provides evidence of

a negative impact of child labor on parents�psychic health. Yet, for parents with working

children, this disutility is equivalent, in money terms, to the amount of resources generated

by children. As this may hide contrasted situations, we derive an upper bound on parents�

distress by instrumenting child labor with child productivity. We obtain LATE estimates,

characterizing households who make their children work only if productive enough. Using

interacted e¤ects, we �nd in contrast that agricultural households are una¤ected by child

work, i.e. a lower bound on parents�disutility. We also reveal substantial heterogeneity

between parents, as we observe that among households with children at work, the powerful

spouse experiences a lower disutility than the powerless spouse.

Our main results support the view that the di¤erent theories of child labor can coexist for

the same country. LATE estimates point to very large potential distress for some parents,
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explaining that a great majority of "compliers" do not make their children work. The

others "compliers" actually su¤er from child work but are possibly forced by the economic

context �a situation �tting the "luxury axiom". Inversely, child labor is harmless for some

agricultural and possibly non-poor households �which is more in line with theories where

high marginal product of labor due to large farm size is not counteracted by high marginal

disutility from child labor. Farmers possibly internalize the fact that work is a valuable

way to accumulate speci�c human capital and a form of transmission (especially when

returns to work are deemed higher than returns to schooling, see de Vreyer et al., 1999).

Overall, the relative role of the di¤erent economic explanations for child work must depend

on the underlying preference structure �this calls for more work in order to quantify the

di¤erent preference groups and to relate them to speci�c economic conditions.

The two categories of child working households are fairly balanced in Mexico. Yet it

may be di¤erent in other settings with a high rate of child labor. In Africa, disutility

may be lower if more prevalent child work in rural areas coincides with its more general

"acceptance". It may also be higher if the consequences of child labor are more severe,

implying in particular a deprivation in education (in contrast with Latin American coun-

tries, where child work and education are not antagonist). This calls for a replication of

our approach to an African context. Note �nally that if the prevalence of child work is

accompanied by low disutility for parents, this necessarily makes child labor more di¢ cult

to eradicate. It would require changing norms and parents�views about acceptable form

of work-related values transmission � in the introduction, we have questioned whether

Progresa/Opportunidaded has been able to do so in Mexico.22 Speci�c work on these

programs should nonetheless explore how preferences may have evolved in the longer run

following their in�uence.
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A Appendix

A.1 Construction of the Well-Being Measure

We construct an index of emotional well-being using the 10 most salient questions from

the mental health module. This module was taken directly from a mental health ques-

tionnaire, initially designed and tested by theMexican Institute of Psychiatry to diagnose

depressive syndromes among Mexicans. Presented in the �rst column of Table A.1, the

questions refer to the frequency at which people have experienced di¤erent negative feel-

ing over the last four weeks. Answer categories are �No�, �Yes, sometimes�, �Yes, a lot

of times�, �Yes, all the time�. Answers are reversed and summed up to construct an
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index of well-being ranging from 10 (lowest well-being) to 40.23 The 10 questions actually

match those of the GHQ-12 listed in the second column (two items could not reasonably

be matched). We have experimented alternative aggregation methods including Principal

Component Analysis and found that our estimation results were very similar in this case.

We have also replicated our estimations using the 21 questions in the original module and

again, results tend to be very consistent with our baseline. These results available from

the authors. Separate estimations for each speci�c item are presented below (Table A.4)

and commented in the main text.

Table A.1: Construction of GHQ Index of Emotional Well-Being

MxFLS Mental Wellbeing Questionnaire* Equivalence with the GHQ12 (General Heath Questionnaire)

In the last 4 weeks, have you had difficulties to focus on your daily activities? 1 When you are doing something, do you find that: 1) Can concentrate 2)
Attention occasionally diverted 3) Attention sometimes diverted 4) Attention
frequently diverted, cannot concentrate

In the last 4 weeks, have you badly slept at night? 2Do you often lose sleep over worry? 1)Not at all 2) Occasionally 3)Fairly often
4)Very often

In the last 4 weeks, have you felt useless to your family? 3 Can you play useful part in things? 1)Always can 2)Can play some positive
roles 3)Can play positive roles poorly 4)Cannot play a positive role.

No match 4 Are you capable of making decisions? 1)Always have own opinions 2)
Sometimes have own opinions 3)Do not have many own opinions 4)Do not
have any personal opinion at allIn the last 4 weeks, have you felt 1 nervous, sorrowful, anxious, or eager more than normal?

2 more irritated, or more angry than normal?
5Are you constantly under strain? 1)Never 2)Sometimes 3)Fairly often 4)Very
often

In the last 4 weeks, have you felt fear of some things, as if you were waiting for something
serious to happen?

6 Do you feel you couldn't overcome difficulties? 1)Never 2) Sometimes
3)Fairly often4)Very often

In the last 4 weeks, have you lost interest on things? 7Are you able to enjoy daytoday activities? 1)Very interesting 2) Fairly
interesting3)Not very interesting 4)Not interesting at all

No match 8Are you able to face problems? 1)Never 2) Seldom 3) Sometimes 4) Always

In the last 4 weeks, have you 1 cried or felt like crying? 2 felt pessimist, or have you thought
things will go wrong?  3woken up spiritless (due to lack of energy or fear)?

9Do you feel depressed? 1)Not at all 2) A little bit 3)Fairly seriously 4)Very
seriously

In the last 4 weeks, have you felt insecure, or lacking confidence in yourself? 10 Do you always lack confidence? 1)Not at all 2) A little bit 3)Fairly seriously
4)Very seriously

In the last 4 weeks, do you think you have had a decrease in job performance or in daily
activities?

11 Do you often think that you have no value? 1)Not at all 2) A little bit
3)Fairly seriously 4)Very seriously

In the last 4 weeks, have you felt sad or anguished? 12 Are you happy when you consider each aspect of your life? 1)Very happy
2)Fairly happy 3)Not very happy 4)Not happy at all

* answers are: 1. "Yes, sometimes", 2. "Yes, a lot of times", 3. "Yes, all the time", and 4. "No"

23Hence we take SWB as a continuous variable for simple linear regressions (SURE systems for mothers

and fathers). When there is enough variation in reported subjective well-being indices, Ferrer-i-Carbonell

and Frijters (2004) show that results are similar using linear estimations or nonlinear ordinal models.
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A.2 Statistics

Descriptive statistics in Table A.2 report an average mental health score of 26:2 for women

and 27:8 for men in our selection of Mexican couples with children. The standard devi-

ation is 26% larger for women, denoting more �uctuation in women�s living conditions

or perceptions about their environment. Scores are smaller for households with working

children (at least one child aged 10-14 employed in paid work or family business), namely

25:1 for women and 27:1 for men (unreported). Descriptive statistics for the main ex-

planatory variables of our SWB estimations can be seen in the left panel of Table A.2.

Of particular interest is the information about parents�productivity (education, health,

age) and household �nancial situation. In particular, we recover variables on debts and

savings, credit constraint (based on the question "Do you know any person or place where

you can borrow or ask for a credit?", as used in Reggio, 2011) and a question on needs for

credit ("In the last 12 months, how many times have you borrowed money?"). Household

wealth ("assets") is computed as the value of all the assets owned by the household includ-

ing the house and land in which the household lives, the car, electronics, large appliances

and furniture, savings and �nancial assets.

The right panel of Table A.2 reports information about children in the age range of

interest (10-14): their number, age and proportion of girls. Other statistics show that

the prevalence of child work is around 7% with the broad de�nition and 4% with the

strict. With the former, child labor rate is much lower for girls (2:6%) than for boys

(4:9%), so that our results for girls should be taken with caution (detecting an e¤ect

becomes more di¢ cult). We provide detailed information on occupation type and work

hours. Finally, we report the distribution of working children across sectors. Jobs in

agriculture and services dominate. We indicate the proportion of working children for

whom we observe earnings and, hence, can calculate an hourly wage rate. Surprisingly,

this proportion is relatively high. Even in the agricultural sector, in which many children

work in parental farms and do not receive a wage, earnings are observed in a third of the

cases, probably corresponding to o¤-farm work. These wages can therefore be used to

calculate child contributions to household resources (as discussed in the main text, child

earnings correspond to 15% of total household income on average) and to predict wage

rates for our IV approach. Using worked hours, we calculate mean hourly wages per sector

that we report in Table A.2. They are slightly larger in the construction sector (and the

residual category), possibly due to more di¢ cult conditions and risk premia.
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Table A.2: Descriptive Statistics

Children's characteristics (1014 years old) Mean std. dev.

Meanstd. dev. Meanstd. dev.

# children in the household 1.39 0.61
GHQ10 score 26.42 3.89 27.83 3.10 Children age 11.94 1.23
Age 36.10 8.60 40.06 9.39 Proportion of girls (%) 0.50 0.36
Education (110) 3.93 1.82 4.24 2.08
Ethnic (%) 0.12 0.32 0.13 0.34 Child labor: % of households with working children
Labor market work (%) 0.29 0.45 1.00  Paid work or family business (broad) all kids 0.071 0.256
Self employed (%) 0.06 0.23 0.15 0.36 boys 0.049 0.215
Subjective health score (01) 0.43 0.15 0.46 0.16 girls 0.026 0.159
Chronic illness (%) 0.26 0.44 0.18 0.38 Paid work or family business (strict) all kids 0.043 0.202

Paid work (a) (broad) 0.027 0.160
Paid work (a) (strict) 0.023 0.150
Unpaid + domestic work (b) (broad) 0.170 0.370
Unpaid + domestic work (b) (strict) 0.028 0.160

Household income $ 61.03 67.26
Year 2005 (%) 0.47 0.50 Child labor: Mean weekly hours of working children
Assets $$ 0.48 10.22 Paid work or family business 28.1 24.7
Not credit constrained (%) 0.46 0.50 Paid work (a) 40.6 24.0
# loans over the year 0.19 0.54 Unpaid + domestic work (b) 20.9 14.1
Debts $$ 0.07 4.04
Savings $$ 0.01 0.04 Child labor: Sector & wages agric. constr. manuf. services* other
Part. to Progresa in 2002 (%) 0.16 0.37 Distribution across sector (%) 0.57 0.04 0.04 0.28 0.07
Part. to Pro Campo (%) 0.06 0.23 % of working child with a wage 0.33 0.89 0.94 0.88 0.84
Rural (%) 0.53 0.50 Observed wages £ 4.76 6.44 4.60 4.47 6.47

Predicted wage (all working kids) £ 5.41 6.59 6.59 5.77 6.34
$ in thousands of pesos per year, $$ in millions of pesos £ pesos per hour * trade, transport and other services

# householdyear observations 5,515 # households 3,526

(a) Paid work: defined using earnings info and a question on whether the child "work or help in any activity within or out of the house, that helped household expenditures"
(b) Unpaid + domestic work: defined as unpaid family worker (using earnings info, a question on whether the child "work or help in any family business (agricultural or non
agricultural) either he was paid or not, and time use information on agricultural help) or domestic worker (using time use information on domestic tasks).

Fathers

Household characteristics Meanstd. dev.

Parents' characteristics
Mothers

Notes: Child labor defined using a "broad" definition (market hours>0 or domestic hours >10) or a "strict" (market hours>14 or domestic hours>30).
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A.3 Varying Child Labor De�nition and Well-being Measures

Table A.3: E¤ect of Child Labor on Parents�Well-being: Alternative Measures

Mother Coeff. 0.447 ** 0.460 * 0.604 * 0.715 * 0.009 * 0.930 *** 0.635 * 0.270 * 0.231

(0.199) (0.249) (0.330) (0.428) (0.005) (0.306) (0.327) (0.141) (0.306)

Equiv. Inc. 0.130 ** 0.079 * 0.091 * 0.061 * 0.069 * 0.270 *** 0.109 * 0.078 * 0.039

R2 0.125 0.125 0.125 0.125 0.125 0.126 0.125 0.125 0.125

Father Coeff. 0.335 ** 0.288 0.514 * 0.561 0.006 0.434 * 0.265 0.170 0.168

(0.162) (0.203) (0.269) (0.348) (0.004) (0.249) (0.266) (0.115) (0.249)

Equiv. Inc. 0.181 ** 0.091 0.143 * 0.088 0.088 0.234 * 0.084 0.090 0.053

R2 0.096 0.095 0.096 0.095 0.095 0.095 0.095 0.095 0.095

# obs. 5,515 5,515 5,515

(a) "Paid work": based on earnings info and a question on whether the child "work or help in any activity within or out of the house, that helped household expenditures"
(b) "Unpaid family work" based on no earnings info, a question on whether the child "work or help in any family business (agricultural or nonagricultural) either he was
paid or not" and time use info on agricultural help; "domestic work" based on time use info on domestic tasks.

broad,
presence

broad,
proportion

work
hours

Paid work or family business
Definition of
child work:

Notes: Linear estimations of the effect of child labor on the GHQ10 emotional wellbeing index of parents. Child labor defined as the presence, the proportion or the
average hours of children aged 1014 at work in the household. The "broad" definition is market hours>0 (or domestic hours>10), the "strict" one is market hours>14 (or
domestic hours>30). All estimations control for wellbeing determinants at individual (age, education, ethnicity, detailed health) and family level (wife at work, family
composition, log income, assets, credit constraints, multiple indebtness, year, region). Individual effects are quasifixed effects (QFE) à la Mundlak (time average
characteristics include education, family composition, wife at work, detailed health). Significance levels at 10%, 5% and 1% are indicated by *, ** and *** respectively.

strict,
presence

strict,
proportion

Paid work (a)
Unpaid family work (family

business) or domestic work (b)

broad,
presence

broad,
presence

strict,
presence

strict,
presence
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Table A.4: E¤ect of Child Labor on Parents�Detailed Answers on Well-being
²²

Mother 0.030 0.018 0.086 *** 0.092 ** 0.052 ** 0.031 0.067 ** 0.089 ** 0.022 0.031

(0.029) (0.036) (0.032) (0.041) (0.021) (0.045) (0.028) (0.035) (0.030) (0.038)

Father 0.002 0.015 0.068 ** 0.043 0.007 0.007 0.044 * 0.055 * 0.048 * 0.057 *

(0.024) (0.029) (0.031) (0.039) (0.017) (0.037) (0.023) (0.029) (0.025) (0.031)

# obs. 5,515 5,515 5,515 5,515 5,515 5,515 5,515 5,515 5,515 5,515

Mother 0.020 0.016 0.048 * 0.039 0.049 * 0.077 ** 0.063 *** 0.068 0.087 *** 0.071 *

(0.021) (0.045) (0.024) (0.031) (0.029) (0.036) (0.021) (0.045) (0.034) (0.043)

Father 0.007 0.007 0.024 0.000 0.046 ** 0.059 ** 0.007 0.007 0.052 * 0.010

(0.017) (0.037) (0.019) (0.024) (0.023) (0.028) (0.017) (0.037) (0.029) (0.036)
# obs. 5,515 5,515 5,515 5,515 5,515 5,515 5,515 5,515 5,515 5,515

broad

Felt sad

strictstrictbroad

Depressed (has cried,
discouraged, tired)

Feel insecure or lack
confidence in yourself

Poor job performance
or daily activites

strict broad

strict broad strict

Feel useless to your
family

broad

Nervous, sorrowful,
irritated, under strain

Notes: Linear estimations of the effect of child labor on the GHQ10 emotional wellbeing index of parents. Child labor defined as the presence of working
children aged 1014 in paid work or family business (broad: hours>0, strict: hours>14). All estimations control for wellbeing determinants at individual
(age, education, ethnicity, detailed health) and family level (wife at work, family composition, log income, assets, credit constraints, multiple indebtness, year,
region). Individual effects are quasifixed effects (QFE) à la Mundlak (time average characteristics include education, family composition, wife at work, detailed
health). Significance levels at 10%, 5% and 1% are indicated by *, ** and *** respectively.

broad strict

Difficulty focusing on
daily activities

Hard time sleeping

strict

strict broad

Constant fear of
something to happen

Lost interest

broad strict broad strictbroad

Table A.5: E¤ect of Child Labor on Parents�Well-being: Varying Child Age and Gender

Type of child:

Mother

Coeff. 0.657 *** 0.219 0.457 * 0.584 *** 1.035 *** 0.723 0.582 1.052 *** 0.381 * 0.190 0.343 ** 0.301 *

(0.235) (0.317) (0.273) (0.225) (0.356) (0.580) (0.572) (0.344) (0.204) (0.163) (0.160) (0.158)

Equiv. Inc. 0.183 *** 0.060 0.128 * 0.160 *** 0.285 *** 0.197 0.160 0.285 *** 0.105 * 0.052 0.095 ** 0.083 *

Father

Coeff. 0.595 *** 0.045 0.304 0.428 ** 0.623 ** 0.110 0.099 0.530 * 0.210 0.217 * 0.151 0.168

(0.191) (0.257) (0.220) (0.182) (0.289) (0.470) (0.463) (0.278) (0.165) (0.132) (0.130) (0.127)

Equiv. Inc. 0.273 *** 0.020 0.139 0.192 ** 0.280 ** 0.049 0.044 0.235 * 0.095 0.097 * 0.068 0.076

# obs.

(b) "Unpaid family work" based on no earnings info, a question on whether the child "work or help in any family business (agricultural or nonagricultural) either he was paid or
not" and time use info on agricultural help; "domestic work" based on time use info on domestic tasks.

5,515 5,515 5,515
Notes: Linear estimations of the effect of child labor on the GHQ10 emotional wellbeing index of parents. Child labor defined as the presence of working boys or girls aged 10
14, 511 or 1214 in paid work or family business, with the "broad" definition (market hours>0 or domestic hours>10). All estimations control for wellbeing determinants at
individual (age, education, ethnicity, detailed health) and family level (wife at work, family composition, log income, assets, credit constraints, multiple indebtness, year, region).
Individual effects are quasifixed effects (QFE) à la Mundlak (time average characteristics include education, family composition, wife at work, detailed health). Significance levels at
10%, 5% and 1% are indicated by *, ** and *** respectively.
(a) "Paid work": based on earnings info and a question on whether the child "work or help in any activity within or out of the house, that helped household expenditures"

Paid work or family business Paid work (a)

Boys 1014 Girls 1014 All 511 All 1214Boys 1014

Unpaid family work (family business)
or domestic work (b)

Boys 1014 Girls 1014 All 511 All 1214Girls 1014 All 511 All 1214
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A.4 Child Wage Estimations

Wage estimations are used to predict a wage to all children aged 10-14 and, then, to con-

struct our instruments.24 Recall that in SWB regressions, we instrument the probability

of having children aged 10-14 at work in the household by the mean (predicted) wage of

these children.

Table A.6: Child Wage Equations

(1) (2) (3) (4) (5) (6)
Selection
equation

Age 0.152* 0.144* 0.147* 0.217** 0.207** 0.0392
(0.0875) (0.0872) (0.0870) (0.0887) (0.0881) (0.116)

Age squared 0.00355 0.00329 0.00338 0.00536 0.00506 0.0107**
(0.00330) (0.00329) (0.00328) (0.00333) (0.00331) (0.00499)

Legal age 0.121 0.125 0.127 0.108 0.114 0.196
(0.0869) (0.0866) (0.0864) (0.0945) (0.0941) (0.133)

Rural 0.0363 0.0370 0.0331 0.165* 0.165* 0.582***
(0.0623) (0.0623) (0.0621) (0.0849) (0.0849) (0.0771)

Male 0.0195 0.0158 0.0174 0.0212 0.0174 0.232***
(0.0445) (0.0447) (0.0446) (0.0489) (0.0490) (0.0683)

Year 2005 0.195*** 0.193*** 0.191*** 0.181*** 0.179*** 0.0584
(0.0404) (0.0405) (0.0405) (0.0450) (0.0451) (0.0661)

Health 0.0717 0.0803 0.0848
(0.0693) (0.0704) (0.0754)

Inverse Mills ratio 0.221* 0.226* 0.217* 0.112 0.122
(0.132) (0.131) (0.131) (0.160) (0.158)

Parents own land 0.553***
(0.0753)

Parents own business 0.0234
(0.0921)

Constant 0.701 0.782 0.749 1.907*** 0.0127 0.0874 1.096
(0.642) (0.641) (0.640) (0.379) (0.788) (0.784) (0.685)

Region (dummies) No No Yes No No No
Municipalities (dummies) No No No Yes Yes Yes
R2 (or pseudoR2) 0.073 0.074 0.078 0.049 0.122 0.123 0.280
# obs (wage earners) 1,179 1,179 1,179 1,071 1,071 1,071
# obs (working children) 1,967
Log wage estimates are obtained by linear estimations on a broader sample of children aged 517. They are used in our main
sample to predict wages for all children and to construct instruments as the average predicted wage of all children aged 1014
in the household. Wage estimations (1)(6) reported here are used to construct instruments (IV1)(IV6) respectively, as
described in the main text.

In order to increase sample size, child wage estimations are conducted on all working

children aged 5-17. For selectivity correction, we also estimate the probability of observing
24As it is common practice in the labor supply literature, we predict wages for all children, and not

only for non-workers. This allows reducingmeasurement issues related to the so-called "division bias"

(the fact that wages are calculated as earnings over working time in an estimation where working time is

also used to construct the dependent variable).
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a wage on the sample of working children aged 5-17. Heckman selection equations rely

on the same variables as in wage equations plus dummies for parents�having their own

farm or own business (the probability of observing wages indeed decreases if children

have the option to work on family farm or in family business). Estimates for the wage

equation and the selectivity equation are reported in Table A.6. Speci�cations (1)-(6)

are used to construct instruments IV1-IV6 respectively. In speci�cations (1)-(3), we use

simple determinants of child productivity including age (quadratic form and legal work age

dummy), rural, male and year. As expected, productivity increases with age; it is lower in

the rural sector (signi�cant only when we do not control for selection). Model (2) adds a

dummy for chronic health problem, which is insigni�cant. Regional variation is explicitly

incorporated in model (3): it only slightly increases the R2. Speci�cation (4)-(6) rely

on a more disaggregated spatial variation in labor market conditions, using municipality

dummies.25 Model (4) is based exclusively on this information (it is equivalent to giving

each child the mean wage of his/her local labor market). Models (5) and (6) add child

heterogeneity as in models (1)-(2).

25For this reason, we exclude municipalities with too few wage earners, which reduces sample size by

around a quarter for estimations (4)-(6). Consistently, we discard households in these municipalities for

SWB regressions using IV4-IV6.
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